


The Influence of Mobile Money and FinTech Apps on Consumer Spending Habits in Nigeria


 

Abstract
As digital financial services rapidly expand across emerging markets, understanding the determinants of mobile money usage is critical for deepening economic inclusion. Grounded in the Technology Acceptance Model (TAM), this study investigates the impact of Perceived Convenience, Perceived Security, and Perceived Usefulness on the Consumer Spending Habits of FinTech users. A positivist, cross-sectional research design was employed, using purposive sampling to survey 294 semi-literate female traders across three major open-air markets in Obio Akpor Local Government Area, Rivers State, Nigeria. Data were validated and analysed using Partial Least Squares Structural Equation Modeling (PLS-SEM). The findings reveal that Perceived Convenience is the strongest positive driver of consumer spending habits, followed by a moderate positive influence from Perceived Usefulness. Notably, while Perceived Security established robust internal reliability, it exerted the weakest direct effect on transaction volume, suggesting that it functions as a baseline expectation rather than an active catalyst for usage. The study concludes that while secure infrastructure is necessary to establish initial trust, frictionless user experiences and tangible daily utility are the primary engines of sustained digital financial engagement. Consequently, FinTech developers and policymakers are advised to prioritise seamless ecosystem integrations tailored to middle-aged demographics to accelerate digital economy participation.
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1.0 Introduction
Over the past decade, Nigeria’s financial landscape has undergone a remarkable transformation, mainly driven by the proliferation of digital technologies and the steady evolution of its financial regulatory architecture. The accelerated adoption of FinTech solutions, particularly mobile-based financial services, reflects a broader structural shift toward digitalisation across sectors. This momentum has been reinforced by the growth of mobile money, digital payment services, and the wider technology ecosystem (PwC Nigeria, 2023; EFInA, 2023). With 26% of Nigerian adults still financially excluded in 2023 (EFInA, 2023), demand for inclusive, scalable financial solutions remains substantial. The growth of agent networks has accompanied recent financial-inclusion gains by extending access beyond conventional bank branches (EFInA, 2023). Recent scholarship in developing-economy contexts similarly indicates that digital finance and FinTech can broaden access to formal financial services, while their effects remain conditioned by infrastructure, regulation, and local context (Meher & Mishra, 2026; Singh, 2026).
The evolution of e-commerce platforms has played a complementary role in this transformation. Firms such as Jumia and Konga have expanded the digital marketplace by integrating online checkout processes, thereby intensifying demand for efficient, real-time payment systems. In parallel, Nigerian FinTech firms have developed payment, lending, and savings products that address gaps in conventional financial services and support the country’s broader technology ecosystem (PwC Nigeria, 2023). These digital products can extend access to payments and credit for users who may be underserved by traditional branch-based banking (PwC Nigeria, 2023; Sam-Abugu et al., 2025).
Institutional support has further enhanced this ecosystem. The Central Bank of Nigeria introduced a regulatory framework for mobile payment services in 2009 and subsequently expanded its payment-system rules, including Operational Guidelines for Open Banking in 2023 (Central Bank of Nigeria [CBN], 2009, 2023). The broader payments-policy architecture also includes regulatory sandboxes, Payment Service Banks, mobile money frameworks, agent banking, and other measures intended to improve innovation, interoperability, security, and access (CBN, n.d.).
Quantitative indicators illustrate the scale of this growth. Official NIBSS data indicate that electronic payment transactions in Nigeria reached ₦600 trillion in 2023, up 55% from ₦387 trillion in 2022 (NIBSS, 2024). This rapid expansion underscores the increasing role of digital payments in the Nigerian economy. Mobile and digital finance have also broadened access through non-bank and agent channels (EFInA, 2023; Sam-Abugu et al., 2025). Cross-country evidence similarly shows that FinTech development is associated with greater access to saving, borrowing, and remittance services, although usage gaps remain across populations and regions (Lyons et al., 2022). Evidence from digital-payment adoption also indicates that payment technology can alter consumer expenditure patterns (Agarwal et al., 2024). Recent Nigerian evidence further suggests that FinTech access alone may be insufficient to broaden inclusion when users lack the financial literacy needed to engage effectively with digital services (Sam-Abugu et al., 2025).
Despite these advancements, persistent structural barriers remain. Limited infrastructure, uneven digital literacy, and concerns about security and trust can still constrain adoption, particularly among underserved users (EFInA, 2023; Sam-Abugu et al., 2025; Almaiah et al., 2023). Research on FinTech adoption likewise shows that perceived risk and trust remain important determinants of sustained use (Abdul-Rahim et al., 2022). Recent research involving women in Nigeria identifies continuing demand for digital and financial literacy support among informal-sector participants (Lui et al., 2025). Although the adoption of FinTech and mobile money services among women and other potentially underserved groups has received considerable attention in the existing literature (Lyons et al., 2022; Tripathi & Rajeev, 2023; Hoque et al., 2024; Lui et al., 2025), there remains a notable absence of empirical studies focusing specifically on semi-literate female populations. This gap is particularly evident among women traders in Obio Akpor Local Government Area (LGA) of Rivers State, Nigeria. Given the economic significance of informal trade and the prevalent digital divide among these women, understanding the adoption patterns, constraints, and behavioural tendencies of this demographic is essential for advancing inclusive digital financial systems in developing economies. Accordingly, the study assessed the relationship between Perceived Convenience and Consumer Spending Habits, Perceived Security and Consumer Spending Habits, and Perceived Usefulness and Consumer Spending Habits.
1.1 Objective of the Study
The objective of this study is to assess the relationships between Perceived Convenience, Perceived Security, Perceived Usefulness, and Consumer Spending Habits among semi-literate female traders who use mobile money or FinTech platforms in Obio Akpor Local Government Area, Rivers State, Nigeria.
2. Literature Review
2.1 Theoretical Background and Concept Development

This study is underpinned by two theories: the Uses and Gratifications (U&G) theory and the Technology Acceptance Model (TAM). The U&G approach explains how individuals actively select media and communication channels to satisfy particular social and psychological needs (Katz et al., 1973). These needs range from utilitarian motives such as information-seeking and transactional efficiency to hedonic or emotional drivers, which include entertainment, social interaction, and identity reinforcement. In this study, U&G offers insight into the diverse psychological motivations that influence mobile money and FinTech engagement and repeat use by women traders. On the other hand, the TAM, developed by Davis (1989) and grounded in the Theory of Reasoned Action (TRA) by Fishbein and Ajzen (1975), focuses on cognitive evaluations of technology. Specifically, it posits that perceived usefulness (the belief that a technology enhances performance) and perceived ease of use (the belief that using it will be free of effort) are primary predictors of technology acceptance. By integrating TAM, the study accounts for the rational decision-making processes behind users’ initial and sustained adoption of mobile-based financial services.
2.2 Consumer Spending Habit

Consumer spending habit refers to the routine or behavioural patterns through which individuals allocate their financial resources towards consumption, savings, or investment. It is influenced by economic, psychological, and technological factors, particularly where access to financial services is mediated by mobile or digital platforms (Cobla & Osei-Assibey, 2018). The proliferation of FinTech and mobile money technologies in developing economies has triggered a visible shift in these patterns. Evidence indicates that digital payments can lower transaction frictions and alter consumption behaviour (Agarwal et al., 2024). Mobile money use has also been associated with higher spending among users (Cobla & Osei-Assibey, 2018), while digital financial services can reshape saving, borrowing, and remittance practices (Lyons et al., 2022; Guermond, 2022). Research in Uganda further demonstrates the importance of mobile money and digital financial services for access and adoption in emerging-market settings (Museba et al., 2021). Evidence from Nigeria likewise highlights the importance of digital and financial capability for women participating in informal-sector finance (Lui et al., 2025). Centellegher et al. (2018) additionally show that mobile money adoption and continued use are shaped by behavioural, social-network, and contextual factors in developing economies.

2.3 Perceived Convenience and Consumer Spending Habit

Perceived convenience is broadly understood as the user’s evaluation of how seamless, accessible, and efficient a service or technology is in facilitating routine activities (Zhang & Kim, 2020). It includes features such as real-time access, intuitive interfaces, and integrated services that reduce barriers to completing transactions (Zhang & Kim, 2020). Convenience and utility have been identified as important factors in FinTech and mobile-banking adoption (Slazus & Bick, 2022; Kang, 2018). Enhanced user experience can further strengthen satisfaction with digital payment services (Alwi et al., 2019). In e-commerce and payment settings, perceived convenience and usefulness are associated with purchase intention, online shopping behaviour, and customer satisfaction (Isanawikrama et al., 2023; Yo et al., 2021). Verhagen and van Dolen (2011) similarly show that functional convenience and enjoyment can influence online impulse buying through consumers’ emotions. Taken together, this evidence indicates that frictionless digital environments can encourage purchasing and continued platform use (Verhagen & van Dolen, 2011; Isanawikrama et al., 2023; Yo et al., 2021).

2.4 Perceived Security and Consumer Spending Habit

Perceived security refers to the degree to which consumers believe that using a digital financial platform is safe, reliable, and protected against fraud or misuse (Ismail et al., 2018). It includes technical safeguards such as authentication and privacy controls, as well as institutional protections. Research indicates that stronger security perceptions can increase trust and willingness to adopt digital financial services (Ismail et al., 2018; Almaiah et al., 2023). Benefit–risk perceptions are likewise important in FinTech adoption (Abdul-Rahim et al., 2022). Studies also show that data security and trust are central to sustained FinTech use (Nayak et al., 2021; Almaiah et al., 2023). Among micro-enterprises, perceived risk and trust are important determinants of FinTech payment adoption (Purwantini & Anisa, 2021).
2.5 Perceived Usefulness and Consumer Spending Habit
Perceived usefulness (PE) is defined as the degree to which an individual believes that using a particular system or technology will enhance task performance or efficiency (Davis, 1989). It reflects a user’s judgement that a platform offers practical value, whether by simplifying transactions, improving financial control, or saving time and effort in daily activities. Perceived usefulness is widely acknowledged as a core driver of technology adoption (Venkatesh & Davis, 2000). In mobile FinTech, financial-service characteristics such as convenience, security, and usefulness can influence customer satisfaction and use intention (Zhang & Kim, 2020). Research on payment gateways and micro-enterprise FinTech adoption similarly identifies perceived usefulness as an important determinant of purchase intention or adoption (Isanawikrama et al., 2023; Purwantini & Anisa, 2021). In branchless mobile banking, utility also emerges as an enabling factor for FinTech adoption (Slazus & Bick, 2022).

3. Methodology
3.1 Study Design
This study adopted a positivist research philosophy, which emphasises objective measurement and hypothesis testing based on observable phenomena. A cross-sectional design was employed, allowing data to be collected at a single point in time from multiple respondents. The research followed a deductive approach, beginning with theory-driven hypotheses derived from the Technology Acceptance Model (TAM) and related frameworks. The study focused on semi-literate women traders operating in three prominent open-air markets in Obio Akpor Local Government Area (LGA), Rivers State, Nigeria: Mile One Market, Mile Three Market, and Oil Mill Market. These markets were purposively selected due to their high density of female traders and the increased adoption of FinTech and mobile money services in these economic hubs. To ensure the relevance of the data, screening criteria were applied: only women with prior or ongoing experience using mobile money or FinTech platforms were included. An initial eligibility question was administered to confirm usage experience before participants were given the full questionnaire. This formed part of a purposive sampling strategy, enabling the selection of respondents who met the predefined inclusion criteria based on the study’s objectives.
3.2 Sampling Procedures
As part of this quantitative research, a self-administered structured questionnaire was distributed to a total of 300 women traders (100 from each market) identified through purposive sampling. Each questionnaire was enclosed in a sealed envelope and accompanied by a pencil to encourage formal, independent responses. Each participant was briefed on the study’s purpose, and only those who expressed interest and were willing to commit 10–15 minutes to complete the instrument were engaged. To reduce bias and non-response error, the researchers directly distributed and retrieved the questionnaires on-site, ensuring confidentiality and anonymity. Out of the 300 questionnaires distributed, 294 valid responses were retrieved and used for analysis. This sample size aligns with the recommendations of Hair et al. (2014), who suggest that a minimum of 100–200 observations is appropriate for structural equation modelling, especially when latent constructs are involved.
3.3 Validity and Reliability
The analysis followed a two-stage process. First, the measurement model was assessed to evaluate construct reliability and validity. Internal consistency reliability was confirmed through Cronbach’s Alpha and Composite Reliability (CR) values, both of which exceeded the recommended threshold of 0.70 for all constructs. Convergent validity was verified using Average Variance Extracted (AVE), with all constructs achieving AVE values above 0.50, indicating adequate variance captured by each latent variable. Discriminant validity was established using both the Fornell–Larcker criterion and Heterotrait–Monotrait Ratio (HTMT); all values met the required standards, indicating that each construct was empirically distinct from the others.
4. Data Analysis
4.1 Partial Least Squares Structural Equation Modeling (PLS-SEM)
The data were analysed using Partial Least Squares Structural Equation Modelling (PLS-SEM), executed via SmartPLS 4.0. PLS-SEM was selected due to its suitability for exploratory models and its robustness in handling complex relationships with relatively small sample sizes.
Fig 1- PLS-SEM structural model showing the relationships among perceived convenience, perceived security, perceived usefulness, and consumer spending habits
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The results show that Perceived Convenience has the strongest positive relationship with Consumer Spending Habits, with a coefficient of 0.561. This means that when consumers perceive a service, product, or payment system as convenient, their spending habits are more likely to be influenced positively. In practical terms, convenience appears to be the most important factor affecting how consumers spend. Perceived Usefulness also has a positive relationship with Consumer Spending Habits, with a coefficient of 0.409. This indicates that consumers are more likely to spend when they believe the system or service is useful to them. The relationship is moderate, meaning usefulness matters, but it is not as strong as convenience. Perceived Security has a very weak positive relationship with Consumer Spending Habits, with a coefficient of 0.046. This suggests that security does not strongly influence consumer spending habits in this model. Although security is generally important, the result shows that it contributes very little to changes in consumer spending behaviour in the present analysis. Therefore, the strongest predictor of Consumer Spending Habits is Perceived Convenience, followed by Perceived Usefulness, while Perceived Security has the weakest influence. The correlation between Perceived Convenience and Perceived Usefulness is 0.362, showing a moderate positive relationship. This means that consumers who perceive a system as convenient may also tend to see it as useful. The relationship between Perceived Convenience and Perceived Security is negative and very weak, with a value of -0.045. This means there is almost no meaningful relationship between convenience and security in the model. The relationship between Perceived Security and Perceived Usefulness is also almost zero, with a value of -0.005. This indicates that perceived security and perceived usefulness are practically unrelated in this result.
Discriminant Validity
Fornell-Larcker Criterion
	· 
	Consumer Spending Habits (CSH)
	Perceived Convenience(PC)
	Perceived Security (PS)
	Perceived Usefulness(PU)

	Consumer Spending Habits (CSH)
	0.671
	 
	 
	 

	Perceived Convenience(PC)
	0.561
	0.705
	 
	 

	Perceived Security (PS)
	0.046
	-0.045
	0.581
	 

	Perceived Usefulness(PU)
	0.409
	0.362
	-0.005
	0.651


Table 1-	 Fornell–Larcker criterion for discriminant validity of the study constructs
The provided table assesses discriminant validity using the Fornell-Larcker criterion. Discriminant validity is successfully established, as the square root of the Average Variance Extracted for each construct, located on the diagonal, is greater than its correlations with any other construct. These diagonal values are 0.671 for Consumer Spending Habits, 0.705 for Perceived Convenience, 0.581 for Perceived Security, and 0.651 for Perceived Usefulness. Examining the relationships between the constructs, Perceived Convenience exhibits the strongest positive correlation with Consumer Spending Habits at 0.561. Perceived Usefulness demonstrates moderate positive correlations with both Consumer Spending Habits at 0.409 and Perceived Convenience at 0.362. Conversely, Perceived Security shows negligible relationships with the other variables, presenting a weak positive correlation of 0.046 with Consumer Spending Habits, a correlation of -0.045 with Perceived Convenience, and a near-zero correlation of -0.005 with Perceived Usefulness.
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Fig 2- Heterotrait–Monotrait Ratio (HTMT) values for assessing discriminant validity among the study constructs
Figure 2 presents a bar chart illustrating the Heterotrait-Monotrait Ratio (HTMT), which is an advanced metric used to assess discriminant validity among the study’s constructs. The vertical axis measures the HTMT ratio on a scale from 0 to 0.7, while the horizontal axis displays the relationships between pairs of variables, specifically involving Perceived Convenience, Perceived Security, and Perceived Usefulness. The chart displays six bars with varying heights; the highest observed HTMT value is approximately 0.68, while the lowest is approximately 0.11. Because all recorded HTMT ratios fall substantially below the conservative threshold of 0.85, discriminant validity is robustly established for the model. This finding further confirms that each construct is empirically distinct and independently measures a unique concept without problematic overlap.
Table 2- Construct Reliability and Validity
	
	Cronbach's Alpha
	rho_A
	Composite Reliability

	Consumer Spending Habits (CSH)
	0.725
	0.868
	0.813
	0.751

	Perceived Convenience(PC)
	0.888
	0.818
	0.804
	0.797

	Perceived Security (PS)
	0.891
	0.878
	0.821
	0.738

	Perceived Usefulness(PU)
	0.873
	0.885
	0.719
	0.724


The provided table evaluates the internal consistency reliability and convergent validity of the measurement model using Cronbach's Alpha, rho_A, Composite Reliability, and Average Variance Extracted (AVE). All four constructs demonstrate robust internal consistency, as their Cronbach's Alpha, rho_A, and Composite Reliability values all exceed the commonly accepted threshold of 0.70. Specifically, Perceived Security shows the highest internal reliability based on Cronbach's Alpha (0.891), while Perceived Usefulness and Perceived Convenience also exhibit very strong reliability scores across all three consistency metrics. Even Consumer Spending Habits, which has the lowest Cronbach's Alpha (0.725), comfortably meets the requirement for a reliable scale. Furthermore, convergent validity is firmly established for every construct, as all Average Variance Extracted (AVE) values are well above the recommended 0.50 threshold. This indicates that each construct explains a significant majority of the variance in its underlying indicators. Perceived Convenience has the highest AVE at 0.797, meaning it accounts for nearly 80% of the variance of its survey items. Even the lowest AVE, Perceived Usefulness at 0.724, indicates that over 72% of the indicator variance is successfully captured by the construct.
Discussion of Findings 
Perceived Convenience and Consumer Spending Habit
This study found that Perceived Convenience has the strongest positive and most significant influence on Consumer Spending Habits among the variables tested. When users find mobile money and FinTech services easy and accessible to use, their frequency and volume of spending noticeably increase. This pattern is consistent with evidence that convenience and ease of use can affect online purchasing behaviour, purchase intention, and customer satisfaction (Verhagen & van Dolen, 2011; Isanawikrama et al., 2023; Yo et al., 2021). It also aligns with evidence that mobile money use can influence spending behaviour (Cobla & Osei-Assibey, 2018). Together, these studies support the interpretation that reducing friction in digital transactions can encourage greater engagement and purchasing activity.
Perceived Security and Consumer Spending Habit
This study found that Perceived Security has a positive, yet relatively weak, direct impact on Consumer Spending Habits compared to convenience and usefulness. While security remains a factor in the overall model, it appears to function more as a baseline requirement for usage rather than an active multiplier for spending volume. This interpretation is consistent with work identifying security as a fundamental design and trust requirement in mobile payments (Kang, 2018; Ismail et al., 2018). Research on mobile banking and FinTech adoption further shows that perceived security, perceived risk, and trust are important antecedents of willingness to use digital financial services (Abdul-Rahim et al., 2022; Almaiah et al., 2023). As noted by Nayak et al. (2021), data security and trust are closely linked in FinTech use, even when security does not directly explain spending volume.
Perceived Usefulness and Consumer Spending Habit
This study found that Perceived Usefulness moderately and positively influences Consumer Spending Habits. When consumers believe that digital payment platforms enhance their financial efficiency and provide tangible benefits to their daily lives, their likelihood of continuously utilising these services for spending increases. These findings are in line with the foundational principles of the Technology Acceptance Model (Davis, 1989; Venkatesh & Davis, 2000), which identifies perceived usefulness as a core determinant of technology adoption and behavioural intention. They are also consistent with evidence from mobile FinTech and payment-gateway studies linking usefulness to use intention, purchase intention, or adoption (Zhang & Kim, 2020; Isanawikrama et al., 2023; Purwantini & Anisa, 2021). The role of utility as an enabling factor in branchless mobile banking adoption provides further support for this interpretation (Slazus & Bick, 2022).
Conclusion
This study aimed to investigate the primary drivers of Consumer Spending Habits within the context of mobile money and FinTech services in emerging markets. By examining the structural relationships between Perceived Convenience, Perceived Security, Perceived Usefulness, and spending behaviours, this research provides vital insights into what motivates digital financial engagement among users. The demographic profile of the respondents—predominantly middle-aged individuals utilizing these platforms primarily for personal transactions—highlights a maturing user base that prioritizes practical, everyday utility.
The findings establish that Perceived Convenience is the most significant and influential factor driving Consumer Spending Habits. When mobile money platforms offer frictionless, accessible, and user-friendly experiences, consumers are highly likely to increase their transaction frequency and volume. Perceived Usefulness also emerged as a vital, moderate predictor, confirming that platforms must provide tangible, real-world benefits and financial efficiency to sustain user engagement. Conversely, while Perceived Security demonstrated strong internal reliability and discriminant validity, it exerted the weakest direct influence on actual spending habits. This suggests a paradigm where security is treated by consumers as a non-negotiable baseline expectation rather than an active catalyst for increased spending.
For FinTech developers, financial institutions, and policymakers, these results chart a clear strategic path. While maintaining robust, zero-compromise security infrastructure is essential to establish initial trust, it is not sufficient to drive market growth on its own. To actively stimulate digital economy participation and increase transaction volumes, stakeholders should prioritise user experience (UX) design. Innovations should focus on minimizing transaction steps, enhancing platform interoperability, and seamlessly integrating mobile money into the daily retail and e-commerce ecosystems. Ultimately, the future of digital financial inclusion and sustained consumer engagement in emerging markets will belong to the platforms that master the balance of invisible security and unparalleled convenience.


Recommendations
The study recommends that:
1. FinTech platforms must prioritise seamless, user-friendly interfaces to directly stimulate increased transaction frequency and consumer spending volume.
2. Companies should build robust security as an essential, silent foundation rather than relying on it as a primary marketing driver for growth.
3. Providers need to expand their ecosystem's utility by integrating comprehensive features like bill payments and budgeting tools to sustain continuous user engagement.
4. Interventions and product features should be explicitly tailored to address the daily financial pain points of the core 31-to-50-year-old user base.
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