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Abstract 
This study examined the effect of financial fraud on the corporate performance of Deposit Money Banks (DMBs) in Nigeria, emphasizing the moderating role of forensic accounting and the causal relationships between fraud variables and bank performance. Panel data comprising 121 observations were analysed using descriptive statistics, Pearson correlation, fixed and random effects regression models, moderation analysis, and pairwise Granger causality tests. Corporate performance was measured by return on assets “(ROA), while financial fraud was captured through financial statement fraud, tax evasion fraud, and electronic fraud, including forensic accounting interaction terms. Results indicate that financial statement fraud positively and significantly affects reported performance in the absence of forensic accounting, suggesting earnings manipulation, while tax evasion fraud negatively influences performance. Electronic fraud showed no significant direct effect in the regression models; however, Granger causality tests revealed a unidirectional causal relationship from electronic fraud to corporate performance, indicating immediate financial consequences. Incorporating forensic accounting altered these relationships by weakening the artificially positive effect of financial statement fraud and intensifying the adverse impact of tax evasion fraud, thereby improving the model’s explanatory power. Diagnostic tests confirmed the absence of heteroskedasticity and specification errors, affirming model reliability. The study concludes that forensic accounting is crucial in mitigating the distortions caused by financial fraud, enhancing transparency, and sustaining performance in Nigerian DMBs. It recommends institutionalizing forensic accounting units, strengthening internal control systems, and enforcing regulatory oversight to reduce fraud risks and improve sector stability.
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1.0	Introduction
The prevalence of fraud in Nigeria, especially in the banking sector is a cause for concern, which has led to the deployment of a variety of initiatives to combat it across the economy, not only in the financial sector. The application of forensic accounting serves as a tool for preventing and identifying fraud incidence the country. These procedures entail the deployment of investigative and analytical skills to address financial difficulties in line with legal standards. Consequently, Johnson and Chidi (2021) argued that forensic accounting embraces all domains essential to the investigation of financial fraud detection and delineates engagements emerging from any financial disagreement. Forensic accounting may be one of the most effective and efficient ways to reduce and prevent financial crime activities as it is concerned with the evidentiary nature of accounting data, and as a practical field concerned with accounting fraud and forensic auditing; compliance, due diligence and risk assessment; detection of financial misrepresentation and financial statement fraud (Adamu-Ahmed, 2022). 
The contending issue is that despite the perception that there is a steady growth in the number of forensic accountants in the country; the rate of internal and external frauds across all banks continues to climb exponentially. This could be attributed to high level of corruption in the economy with the banking sector as a major victim (Đukić et al., 2023).  Regarding the significance of forensic accounting and its effect of financial fraud, a number of studies has established the association between forensic accounting and its ability to reduce fraud incidences (Akinleye & Akadi 2024; Onamusi et al. 2024; Agboare, 2021). However, there has been a relatively limited attention paid to the moderating influence of forensic accounting on the relationship between financial fraud and the performance of deposit money institutions in Nigeria, especially, empirical evidence on the extent to which forensic skills can help reduce both internal and external frauds in banks. Therefore, the study investigates the moderating influence of forensic accounting on the relationship between financial fraud and the performance of deposit money institutions in Nigeria.  The main objective of the study is to investigate the impact of financial fraud on forensic accounting and corporate performance of Deposit Money Banks in Nigeria. However, the specific objectives are to: examine the effect of forensic accounting on both financial fraud and corporate performance of deposit Money Banks in Nigeria; and establish the existence and nature of causal relationships exist between financial fraud variables and corporate performance of Deposit Money Banks in Nigeria.
2.1	Literature Review
2.1.1	Corporate performance
Corporate performance refers to the extent to which an organisation aligns its operational activities and employee responsibilities with its strategic objectives. In the banking sector, performance assessment is widely used to evaluate the effectiveness of banking operations and to guide institutions toward stability and prudent decision-making. Bank performance reflects a bank’s financial strength, operational efficiency, and administrative effectiveness, and is commonly assessed through information contained in the statement of financial position, income statement, and cash flow statement, which together present the financial condition of banks over a specific period (Abuzarqa, 2022).
Organisational performance also determines a firm’s capacity to mobilise and allocate funds within a given accounting period. Key indicators used in performance evaluation include profitability, liquidity, solvency, leverage, and capital adequacy (Adewara et al., 2023; Dagunduro et al., 2022; Kolawole et al., 2023; Nguyen et al., 2023). Financial performance reflects how efficiently management utilises available resources to generate income and maximise value for stakeholders. Although financial ratios derived from income statements and balance sheets are the most commonly applied performance measures, comprehensive assessments often incorporate broader qualitative and supervisory indicators.
Management plays a central role in monitoring daily operations and evaluating organisational performance. In the banking industry, performance is frequently assessed using the CAMELS framework, which provides a structured supervisory approach for evaluating and ranking banks based on capital adequacy, asset quality, management efficiency, earnings, liquidity, and sensitivity to market risk (Elviani & Sumarna, 2018). The CAMELS system supports regulatory oversight by enabling timely intervention and promoting financial system stability. Consequently, this study adopts the CAMELS framework as a measure of bank performance.
2.1.2	Financial fraud
Financial fraud represents a deliberate act of deception involving the manipulation or misrepresentation of financial information for unlawful gain. It encompasses practices such as embezzlement, money laundering, identity theft, and financial statement fraud, which distort the true financial position of organisations (Hashim et al., 2020). In the banking sector, fraud results in direct financial losses and undermines investor and customer confidence, with broader negative implications for economic stability (Bansal et al., 2024). The expansion of digital banking has further intensified fraud risks, as offenders exploit weaknesses in technological systems and security controls (Gupta et al., 2025).
2.1.2.1`Financial statement fraud
Financial statement fraud is considered one of the most complex forms of internal fraud because it often involves senior management with the authority to influence accounting policies and reporting processes. In Nigerian Deposit Money Banks, such fraud may include overstating assets, understating liabilities, manipulating earnings, or concealing losses to present a misleading image of profitability and financial soundness. Pressures to meet earnings expectations, satisfy shareholders, and comply with regulatory capital requirements imposed by the Central Bank of Nigeria frequently drive these practices (Ayodeji, 2024).

2.1.2.2	Tax evasion fraud
Tax evasion fraud constitutes another significant internal fraud in banks and involves intentional efforts to underreport taxable income or inflate expenses to reduce tax obligations. Unlike tax avoidance, tax evasion is illegal and directly undermines government revenue. In the banking sector, this may occur through false declarations, manipulation of interest income, or misreporting of foreign exchange transactions, sometimes facilitated by weak enforcement and collusion with tax officials (Asnawi, 2023; Adejumo & Ogburie, 2025).
2.1.2.3	Electronic fraud
Electronic fraud has emerged as the most prevalent form of external fraud affecting Nigerian banks due to rapid digitalisation and increased reliance on mobile, internet, and card-based platforms. Fraudsters exploit vulnerabilities in authentication systems, customer devices, and third-party platforms to carry out unauthorised transactions, account takeovers, and payment fraud (Ama et al., 2024). Industry reports indicate a sharp rise in electronic fraud incidents and losses, with electronic channels accounting for the majority of reported cases in recent years (Ayodeji, 2024).
2.1.2.4	Forensic accounting
Forensic accounting is a specialised field that combines accounting knowledge with investigative and analytical techniques to address fraud and financial disputes, particularly those requiring legal resolution (Peloubet, 1946). It applies scientific and systematic methods to detect, investigate, and prevent financial misconduct through the use of auditing, quantitative analysis, and research-based procedures (Okoye et al., 2015; Wahyuni-TD et al., 2021). The discipline encompasses both litigation support, where forensic accountants serve as expert witnesses, and investigative services aimed at uncovering and documenting fraud (Fasua et al., 2023). Recognised by the AICPA as a specialised application of accounting and auditing expertise, forensic accounting is multidisciplinary in nature and increasingly vital in digitally driven financial environments. With rising cybercrime and financial complexity, forensic accountants play a critical role in supporting banks, regulators, and law enforcement by collecting and validating financial and digital evidence (Rehman & Hashim, 2020; Sharifi et al., 2022).
2.2 Theoretical Review
The theoretical underpinning of this study draws from the Fraud Triangle Theory developed by Cressey (1953), the Fraud Diamond Theory advanced by Wolfe and Hermanson (2004), and the Fraud Box Key Model proposed by Onodi et al. (2014). The Fraud Triangle Theory explains that financial fraud occurs when pressure, opportunity, and rationalisation coexist, suggesting that financial stress, weak internal controls, and ethical justifications drive fraudulent behaviour in organisations. Expanding this framework, the Fraud Diamond Theory introduced capability as a fourth element, asserting that fraud is unlikely to materialise unless individuals possess the skills, authority, and intelligence to exploit control weaknesses and sustain fraudulent schemes. 
Addressing the preventive limitations of earlier models, the Fraud Box Key Model incorporated corporate governance as a critical deterrent, arguing that strong governance structures can neutralise fraud even in the presence of pressure, opportunity, rationalisation, and capability. Applied to forensic accounting, these theories demonstrate how forensic techniques enhance fraud detection, strengthen internal controls, and support governance mechanisms in Deposit Money Banks. In the Nigerian banking sector, financial fraud—manifesting through financial statement manipulation, tax evasion, and electronic fraud—directly undermines corporate performance by distorting earnings, weakening asset quality, reducing capital adequacy, and eroding stakeholder confidence. 
The theories therefore establish a clear causal relationship between financial fraud variables and corporate performance, while positioning forensic accounting as a critical intervention tool capable of mitigating fraud risks and improving the financial and operational performance of Deposit Money Banks in Nigeria.
2.3 Empirical Review 
The study reviewed past and relevant literature on the financial fraud, forensic account and financial performance. The review will be sectionalized based on the objectives of the study.  
2.3.1	Financial Fraud and Financial Performance
Manyo et al. (2023) investigated how fraud influenced the operation of Nigerian banks. Descriptive analysis, Pearson correlation, and OLS regression were among the statistical methods used in evaluating the data. Although the general number of employees engaged in fraud was shown to have a negative and significant influence on deposit money banks' performance in Nigeria, the number of fraud cases and the total amount lost to fraud had a positive and significant impact on bank performance according to the results of the hypothesis.
Babatunde et al. (2020) investigated how e-frauds are perpetrated in the deposit’s money banks in Nigeria. Data were sourced through questionnaire and analyzed using simple percentages. Results revealed that e-frauds were perpetrated by the employees whose employment was threatened as a result of not achieving deposit targets and using either expert or legitimate power to connive with other employees to commit e-fraud against the Banks. 
Kolapo and Olaniyan (2020), investigated the impact of fraud on the performance of deposit money banks in Nigeria between the periods from 1994 to 2017. Bank deposit was specified as the dependent variable while the one-period lagged value of bank deposit, amount involved in reported fraud cases, amount lost to fraud and number of staffs involved in fraud cases were used as independent variables. The Generalized Method of Moments (GMM) estimator was employed to analyze the data. This study showed that the amounts involved in fraud cases, amount lost to fraud and number of staffs involved in fraud have a negative and significant influence on the deposit of banks in Nigeria.
Muritala, et al. (2020) examined the causality between fraud and bank performance in Nigeria over the period 2000-2016 for quarterly financial data using Johansen’s Multivariate Co-integration Model and Vector Autoregressive (VAR) Granger Causality analysis. The results showed a long-run relationship between the variables. Bank performance was found to be linked to Granger fraud variables and vice versa at 10% significant level. 
Akintola and Oluwalaiye (2020) examined fraud and performance of the Nigeria banking industry from 2005 to 2016. Ex–post facto research designed was adopted for this study and the data were analyzed using ordinary least square (OLS) method. Findings from this study showed that there is a direct relationship between fraudulent activities in the Nigeria banking industry and the expected loss of the banking industry.
2.3.2 	Forensic Accounting and Financial Performance
Amughoro (2023) investigated the effects of forensic accounting on bank performance in Nigeria using four (4) measures of forensic accounting (money laundering fraud control, point of sales, money transfer fraud and automated teller machine fraud control) and one (1) performance measure (return on asset). Data were obtained from the annual reports and accounts of the banks and Central Bank of Nigeria Statistical Bulletin from 2012-2020. Data obtained were analyzed using descriptive statistics (mean, standard deviation, skewness, kurtosis and correlation) and inferential statistics (variance inflation factor and ordinary least square). Findings of the study showed that all the forensic accounting measures of the study (money laundering fraud, point of sales, money transfer fraud and automated teller machine fraud controls) negatively and significantly affected performance of banks in Nigeria. 
Ogunyemi, and Olorunfemi (2023) explored the role of forensic accounting in enhancing corporate governance in Nigerian banks, especially regarding financial reporting integrity. The researchers used a qualitative research approach, conducting in-depth interviews with senior management, forensic accountants, and regulatory bodies. The study also reviewed 10 years of corporate governance reports from leading Nigerian banks. The findings indicated that forensic accounting practices, when applied to internal controls and audit procedures, improved the accuracy and reliability of financial reports. Specifically, the study found that forensic audits helped uncover financial misreporting and internal fraud, which, in turn, strengthened banks’ corporate governance frameworks. 
Dada et al. (2023) conducted, the study investigated the influence that corporate governance and forensic accounting have on the financial performance of deposit money banks that are listed in Nigeria. A combination of ex-post facto and panel data research designs were utilised in this study. For the purpose of this study, the information that was gathered came from the yearly audited reports of deposit money institutions. The selection of ten (10) banks for the investigation was accomplished through the use of a purposive sampling strategy. This investigation was carried out over a span of eleven years, beginning in 2012 and ending in 2022. This study utilised both panel regression analysis and descriptive statistics in order to conduct an analysis of the data that was gathered for the investigation. As a result of the findings, it was proven that corporate governance and forensic accounting had a significant impact on the financial performance of Nigeria's publicly listed deposit money institutions. 
Amughoro and Akpotor (2023) conducted an investigation into the influence that forensic accounting has on the performance of banks in Nigeria. The study utilised a total of five forensic accounting measures, which included money laundering fraud control, point of sale fraud control, money transfer fraud, and automated teller machine fraud control. Additionally, the study utilised one performance measure, which was return on assets. In addition to the annual reports and financial statements of the banks, data was gathered from the Statistical Bulletin published by the Central Bank of Nigeria for the years 2012 to 2020. For the purpose of analysing the data that was gathered, inferential statistics were utilised. The outcomes of the study suggested that the performance of Nigerian banks was considerably and negatively affected by each forensic accounting measure that was studied. 
Chukwuma et al. (2022) conducted an analysis to determine the financial impact that forensic accounting on Nigerian deposit money institutions. For the purpose of this inquiry, the panel data were subjected to the Hausman test, and the findings suggested that a fixed-effect regression model ought to be applied for the analysis. Based on the results of the fixed effect regression analysis, it can be concluded that forensic accounting has a significant impact on the financial performance of deposit money institutions in Nigeria. According to the fixed-effect model, there is a strong correlation between the financial performance of deposit money institutions and the technology used in forensic accounting. 
Akinyemi and Musa (2022) in Uganda, investigated the influence of forensic accounting on the financial performance of deposit money banks. Their mixed-methods research combined surveys with the analysis of financial statements from 15 banks. The study discovered that banks implementing forensic accounting practices experienced reduced fraud losses, improved investor confidence, and higher profitability. The study attributed these benefits to the role of forensic accounting in detecting fraudulent activities early and enhancing compliance with regulatory requirements. 

2.3.3	Moderating Effect of Forensic Accounting on the Relationship between Financial Fraud and Bank Performance
Garba (2024) explored the impact of forensic accounting on fraud detection in deposit money banks located in Benue State. The study aimed to establish whether forensic practices could enhance the banks’ performance by reducing fraudulent activities. The research focused on variables such as forensic accounting techniques, litigation support skills, and fraud detection effectiveness. The study adopted a cross-sectional survey design, collecting data from employees of three banks through structured questionnaires. Using binary logistic regression analysis, it was revealed that employing forensic accountants increased fraud detection by 291.1%, showcasing a strong positive correlation. 
Micah (2022) examined the role of the forensic accountant in the prevention and detection of fraud in business organisations in Nigeria. The study used a survey design using questionnaire to obtain data from 328 accountant involved in audit firms (AF), Deposit Money Banks (DBM), and small and medium size enterprises (SMEs). Results revealed that majority of business organisations perform better in fraud control. Moreover, there was a significant relationship between internal control and forensic accounting though only operating efficiency is positively related to forensic accounting. Forensic accounting was found to be statistically significant in affecting the information and communication technology of business organisations in Nigeria. 
[bookmark: _Hlk186438139]Abdul-Hakeem (2021) looked into how forensic accounting services impact on the internal control system in preventing and detecting frauds in Nigerian deposit money banks (NDMBs). The studied sample was 210 representing the entire professional accounting / core staff working at the head office of the NDMBs listed on the Nigerian Stock Exchange (NSE) as at December, 2018. Multiple regression analysis and T-test was used to analyze the data while the respondents’ responses to the questionnaires were selected using purposive sampling technique. The study revealed that forensic accounting services have a significant impact on preventing and detecting fraud in Nigerian DMBs. 

3.1	Methodology
This study adopted an expo facto research design to establish the moderating effect of forensic accounting on the relationship between the financial fraud and performance of deposit money banks in Nigeria. The Population of this study constituted the total deposit money banks operating in Nigeria which were thirty-three (33) in number. The sample size of the study was twelve (12) deposit money banks listed on the Nigerian Group of Exchange as the 31st December, 2024 through purposive sampling technique for the period of 11 years spanning from 2014 to 2024. However, one was dropped for insufficient data needed, remaining eleven (11 companies) which constituted one hundred and twenty-one (121) observations. The study adopted purposive sampling technique which is also known as the judgmental sample.

[bookmark: _Toc206076857]3.2 Model Specifications
The model adapted from the study of Manyo et al. (2023) to estimate the relationship between financial fraud and performance of deposit money banks in Nigeria. The study of Manyo et al. (2023) focused on the aggregate time series and the performance was measured using aggregate data. However, the present study focused on panel study and the model for the study is different from the study of Manyo et al. (2023). 

The model is specified as:
MODEL I: Effect of Financial Fraud on Corporate Performance
ROAit = β0+β1FSFit+β2TEFit+β3EFit+β4FSZit+β5LEVit+β6GROit+Ԑit…………………..3.1
Where: ROA (Return on Asset) represents corporate performance, TEF represents tax evasion fraud, FSF indicates financial statement fraud, EF indicates electronic fraud, FSZ indicates Firm Size, LEV represents leverage, GRO represents growth opportunity, β0 represents constant, β1-β6 denote the coefficients of the variables, ‘i' is the deposit money banks and‘t’ is the time frame for the study and ‘e’ is the error term.

MODEL II: Moderating Effect of Forensic Accounting on the Relationship between Financial Fraud and Performance
The model specification shows how forensic accounting moderates the relationship between financial fraud and performance of deposit money banks in Nigeria. The financial fraud measured by financial statement fraud, tax evasion fraud and electronic fraud while performance measured through the use of Return on Assets. The model adapted from Olamide (2021). The model specified as:
ROAit=β0+β1FSFit+β2TEFit+β3EFit+β4FSF*FAit+β5TEF*FAit+β6EF*FAit+β7FSZit+β8LEVit+β9GROit+Ԑit…..3.2
Where: ROA represents corporate performance, , FSF indicates financial statement fraud, TEF represents tax evasion fraud FA indicates forensic accounting, TEF*FA indicates the interaction between tax evasion fraud and forensic accounting, FSF*FA represents the interaction between financial statement fraud and forensic accounting, EF*FA represents the interaction between electronic fraud and forensic accounting, FSZ indicates Firm Size, LEV represents leverage, GRO represents growth opportunity, β0 represents constant, β1-β9 denote the coefficients of the variables, i is the deposit money banks and t is the t is the time frame for the study and e is the error term.

3.4	Method of Data Analysis
The method of data analysis included descriptive statistics and regression analysis. To verify the existence and direction of causal relationship between financial fraud variables and the corporate performance of deposit Money Banks in Nigeria, the study used stacked data test (common coefficients) panel causality test. This captured in the number null hypothesis: There is no significant causal relationship between financial fraud variables and the corporate performance of deposit Money Banks in Nigeria. Granger (1969) proposed that causality occurs between variables if these variables can be employed to predict each of these variables. This test can be used to ascertain whether a uni-directional or bi-directional (feedback) association subsists between financial fraud variables and the corporate performance of deposit Money Banks in Nigeria.
To achieve this, the study employed the Granger-causality technique to test the causality between financial fraud variables and the corporate performance of deposit Money Banks in Nigeria financial fraud variables and the corporate performance as to predict the content of a variable beyond the inherent in the explanatory variable itself. This tool is chosen because it is the suitable, powerful and simple dimension for verifying causal relationship between variables.
ROAt = β0kROAt-k+   1FFt-1 + t           ---------------------------------------     3.3
FFt = 0kFFt-k+  1ROAt-1 + Vt	       -----------------------------------------   3.4
Where: 
ROAt	=  the dependent in Equation (3.3) above which connotes Return on Asset
FFt	= the explanatory variable which connotes Financial Fraud
t and Vt = mutually uncorrelated error term ( i.e. zero mean white noise error terms)
FFt	=  the dependent in Equation (3.1) above which connotes Financial Fraud 
ROAt	= the explanatory variable which connotes Return on Asset
K and  = the number of lags
The null hypothesis is  1= 0 for all‘s and k = 0 for all k’ s versus the alternative hypothesis that 1 not equal to zero and k not equal to zero for at least some of the  ‘s and k’ s. If the coefficients 1 ‘s” are statistically significant but k’s are not, then FF Granger causes ROA. In the reverse case, ROA Granger causes FF”. If both 1 and k are significant, then causality runs both ways. 





[bookmark: _Hlk205459855]Table 1: Measurement of Variables 
	S/N
	Variables
	  Type
	Measurements
	Sources

	1
	Financial Performance (Return on Asset) 
	Dependent variable 
	Ratio of Profit after Tax to total assets 
	Abuzarqa (2022)

	2
	i. Financial Statement Fraud 


ii. Tax Evasion Fraud
iii     Electronic fraud
	Independent Variable 
	i. financial statement fraud which proxied by Value Discretionary Accrual of Modified Jones Model (DACCit).
ii. Data from  Nigeria Deposit Insurance Corporation
iii. Data from  Nigeria Deposit Insurance Corporation

	Fuad et al. (2020)

	3
	Forensic Accounting 
	Moderating Variable 
	Content Analysis: It was based on components of forensic accounting check list of five elements: (each component has 1 mark -as shown in Appendix- (internal control system, whistleblowing mechanism, CCTV installation, Investigation exercise and employment of forensic experts) Award “1”for each element otherwise award “0”). Ranging from 0-5.
	

	
	i. Leverage
 
	Control variable 
	i. Ratio of total debt to total assets 
	Appiah et al. (2020)   


	
	i. Firm size
	Control variable
	ii. Logarithm of total assets 

	Niresh& Thirunavukkarasu (2014)

	
	ii. Growth opportunity
	Control variable
	iii. Percentage change in the difference of the present and previous total assets divided by previous total assets
	Kallapur & Trombley (1999)


Source: Author's Compilation, (2026)

4.1 Analysis and Results
4.1.1	Descriptive Statistics
Table 2-  Overview of the Distribution and Behaviour of all variables 
	
	ROA
	FSF
	FSF*FA
	TEF
	TEF*FA
	EF
	EF*FA
	FSZ
	LEV
	GRO

	 Mean
	 0.002972
	 0.910721
	 3.769603
	 0.158793
	 0.650513
	 62653.22
	 255342.7
	 6.465139
	 0.155272
	 0.079388

	 Median
	 0.002972
	 1.175334
	 4.259121
	 0.163082
	 0.652328
	 52754.00
	 189085.0
	 6.513568
	 0.145391
	 0.073799

	 Maximum
	 0.005462
	 2.501396
	 11.05318
	 0.291443
	 1.446936
	 146183.0
	 730915.0
	 7.611130
	 0.553424
	 0.334651

	 Minimum
	 0.000494
	-0.819271
	-3.277083
	-0.138785
	-0.555139
	 10612.00
	 31836.00
	 0.000000
	-0.247002
	 0.000000

	 Std. Dev.
	 0.001573
	 0.834499
	 3.514714
	 0.079133
	 0.344437
	 47778.71
	 198869.9
	 0.728994
	 0.144698
	 0.049742

	 Skewness
	 0.79E-05
	-0.400237
	-0.206232
	-0.561708
	-0.193111
	 0.442535
	 0.568827
	-0.727616
	 0.220582
	 0.095482

	 Kurtosis
	 1.780039
	 2.029754
	 2.155334
	 3.443634
	 3.373039
	 1.678347
	 1.996444
	 2.034376
	 3.063604
	 1.041302

	
	
	
	
	
	
	
	
	
	
	

	 Jarque-Bera
	 7.503537
	 7.976596
	 4.454755
	 7.355151
	 1.453639
	 12.75599
	 11.60280
	 12.93706
	 1.001635
	 3.573570

	 Probability
	 0.063476
	 0.518531
	 0.107811
	 0.075284
	 0.483444
	 0.501699
	 0.503023
	 0.072700
	 0.606035
	 0.000000

	
	
	
	
	
	
	
	
	
	
	

	 Sum
	 0.359585
	 110.1973
	 456.1219
	 19.21390
	 78.71207
	 7581040.
	 30896466
	 782.2818
	 18.78797
	 9.605967

	 Sum Sq. Dev.
	 0.000297
	 83.56653
	 1482.386
	 0.751446
	 14.23646
	 2.74E+11
	 4.75E+12
	 63.77181
	 2.512512
	 0.296910

	
	
	
	
	
	
	
	
	
	
	

	 Observations
	 121
	 121
	 121
	 121
	 121
	 121
	 121
	 121
	 121
	 121


Source: Author’s computation (2026)

[bookmark: _Hlk219305713]The descriptive statistics for Model II, as presented in Table 2, provides the descriptive statistics that provide an overview of the distribution and behaviour of all variables used in the study across 121 observations covering Deposit Money Banks in Nigeria. The dependent variable, Return on Assets (ROA), has a mean value of 0.002972, indicating that on average, banks generate approximately 0.30% return on their total assets. The minimum value (0.000494) and maximum value (0.005462) show that profitability varies moderately across banks and over time. The standard deviation of 0.001573 confirms low volatility in performance. With a kurtosis value of 1.78 and a Jarque–Bera probability of 0.0635, ROA is fairly normally distributed, though slightly platykurtic.
Financial Statement Fraud (FSF) has a mean of 0.910721, indicating a moderate level of detected or inferred misstatements across banks. The variable ranges from –0.819271 to 2.501396, showing substantial variation in fraudulent behaviour. The negative minimum suggests that for some banks, FSF values reflect adjustments or reverse manipulation. The standard deviation (0.834499) confirms high variability. The distribution is slightly negatively skewed (–0.40), and the Jarque–Bera probability (0.5185) suggests normality.
Similarly, the forensic accounting–adjusted Financial Statement Fraud measure (FSF_FA) has a mean of 3.769603 and displays wide dispersion with a standard deviation of 3.514714. The maximum value (11.05318) indicates that when forensic accounting indices are incorporated, fraud intensity appears significantly amplified. Both skewness (–0.206) and kurtosis (2.155) fall within acceptable ranges for near-normality, supported by the Jarque–Bera probability (0.108).
Tax Evasion Fraud (TEF) shows a mean of 0.158793, reflecting low–to–moderate levels of tax-related fraudulent behaviour within the banking sector. The range (–0.138785 to 0.291443) suggests that although most banks are within a narrow band, some record below-zero values, possibly due to adjustments or reforms. TEF is negatively skewed (–0.5617) and fairly peaked (kurtosis 3.44). The Jarque–Bera test probability of 0.0753 indicates near-normal distribution.

Its forensic accounting–adjusted counterpart (TEF_FA) has a higher mean of 0.650513, showing that when forensic audit procedures are applied, tax fraud detection or estimation increases markedly. The distribution is nearly symmetric (skewness –0.193), and the Jarque–Bera probability (0.4834) confirms normality.
Electronic Fraud (EF) shows a large mean value (62,653.22) due to its monetary scale. The wide range, from 10,612 to 146,183, reveals significant variability in digital fraud losses across banks. The standard deviation (47,778.71) indicates high dispersion. The distribution is positively skewed (0.4425) and platykurtic (1.678), with the Jarque–Bera statistic suggesting no evidence of severe non-normality (p = 0.5017). The forensic accounting–adjusted electronic fraud measure (EF_FA) amplifies this variability substantially, with a mean of 255,342.7 and a maximum value exceeding 730,000. The distribution is moderately skewed (0.5688) and relatively flat (kurtosis 1.996), and the Jarque–Bera probability (0.5030) again suggests approximate normality.
Firm Size (FSZ), measured in logarithmic form, has a mean of 6.465139 and ranges from 0.000000 to 7.611130. The extremely low minimum reflects banks with small asset bases or missing early-year data. The distribution is negatively skewed (–0.7276), and the Jarque–Bera probability (0.0727) suggests moderate deviation from normality but still within interpretable limits. Leverage (LEV) has a mean of 0.155272, indicating that banks finance about 15.5% of total assets through debt on average. The range spans from –0.247002 to 0.553424, and the standard deviation is 0.144698. The distribution is mildly positively skewed (0.2206) and normally distributed based on the Jarque–Bera probability (0.6060).
Growth (GRO) shows the lowest mean among the variables (0.079388), indicating that average annual growth in banking activities is modest. The maximum value (0.334651) shows that some banks experience substantial expansion in specific periods. The distribution is close to symmetric (skewness 0.0955) but highly platykurtic (kurtosis 1.0413), indicating relatively flat tails. The Jarque–Bera probability of 0.0000 shows that growth is not normally distributed, likely due to uneven expansion patterns within the sector.
Overall, the descriptive statistics show that the variables exhibit adequate variation required for robust empirical estimation. Fraud-related variables, especially forensic-aligned indices, demonstrate wide dispersion, which strengthens the potential for detecting relationships with bank performance. Most variables are approximately normal, supporting the validity of using panel regression techniques.
4.1.2	Pearson Correlation Matrix Analysis 
Table 3- Correlation between ROA and the explanatory variables

	
	ROA
	FSF
	FSF*FA
	TEF
	TEF*FA
	EF
	EF*FA
	FSZ
	LEV
	GRO

	
	
	
	
	
	
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	
	

	ROA
	 1.000000
	
	
	
	
	
	
	
	
	

	FSF
	 0.414027
	 1.000000
	
	
	
	
	
	
	
	

	FSF*FA
	 0.390143
	 0.777243
	 1.000000
	
	
	
	
	
	
	

	TEF
	-0.256123
	-0.154475
	-0.145988
	 1.000000
	
	
	
	
	
	

	TEF*FA
	-0.214394
	-0.119693
	-0.067891
	 0.749427
	 1.000000
	
	
	
	
	

	EF
	 0.072002
	-0.013425
	-0.002153
	-0.094780
	-0.104390
	 1.000000
	
	
	
	

	EF*FA
	 0.084105
	 0.019887
	 0.060381
	-0.095694
	-0.060351
	 0.776328
	 1.000000
	
	
	

	FSZ
	-0.084427
	 0.016409
	 0.018027
	 0.173772
	 0.151522
	-0.089302
	-0.088685
	 1.000000
	
	

	LEV
	 0.040490
	 0.031836
	 0.052166
	 0.003792
	 0.021837
	 0.011059
	 0.011475
	 0.366554
	 1.000000
	

	GRO
	 0.032062
	-0.128732
	-0.154123
	-0.080325
	-0.120427
	-0.164662
	-0.177103
	-0.083850
	-0.282444
	 1.000000


Source: Author’s computation (2026)
The Pearson correlation matrix in Table 3 presents the strength and direction of the linear relationships among Return on Assets (ROA) and the explanatory variables, including the interaction terms generated with forensic accounting (FA). Overall, the correlation results provide preliminary insights into how fraud-related variables, firm characteristics, and forensic accounting moderations relate to corporate performance before the regression analysis.
ROA shows a positive and moderate correlation with Financial Statement Fraud (FSF) (r = 0.414), suggesting that increases in FSF are associated with increases in ROA. This may indicate that firms manipulating financial reports may initially appear more profitable. Similarly, the interaction term FSF*FA also correlates positively with ROA (r = 0.390), indicating that forensic audit moderates this relationship, possibly by revealing or constraining practices that distort performance measures.
Conversely, Tax Evasion Fraud (TEF) exhibits a negative correlation with ROA (r = –0.256), implying that firms engaging in tax-related fraudulent activities tend to perform poorly. The moderated term TEF*FA also shows a negative relationship with ROA (r = –0.214), suggesting that forensic accounting reinforces this negative link, likely by uncovering tax discrepancies that reduce reported profitability.
Electronic Fraud (EF) displays a weak positive correlation with ROA (r = 0.072), and its moderated form EF*FA shows a similar weak positive association (r = 0.084). These weak coefficients imply that EF has little direct influence on performance, and forensic accounting does not substantially alter the relationship.
Regarding firm-specific variables, Firm Size (FSZ) has a weak negative association with ROA (r = –0.084), while Leverage (LEV) shows a weak positive relationship (r = 0.040). Growth opportunity (GRO) also shows a very weak positive correlation with ROA (r = 0.032). These very small coefficients suggest that firm characteristics do not pose immediate multicollinearity risks or strong direct connections with ROA.
Importantly, the correlation coefficients among the independent variables indicate no severe multicollinearity problem. Although some relationships are moderately high, such as between FSF and FSF*FA (r = 0.777), and EF and EF*FA (r = 0.776), this is expected because interaction terms naturally correlate strongly with their constituent variables. However, none of the correlations exceed the commonly accepted critical threshold of 0.80, indicating that the dataset is suitable for regression analysis. The correlation matrix reveals a mix of weak to moderate associations, showing that fraud variables and their forensic accounting interactions relate differently to firm performance. These patterns reinforce the justification for regression modelling to understand the magnitude and significance of these relationships in Model II.
4.2	Comparative Analysis of the Moderating Effect Forensic Accounting on Financial Fraud and Corporate Performance of Deposit Money Banks in Nigeria -Models I and II 
The one objective of this study is to establish whether forensic accounting affect both financial fraud and corporate performance of deposit Money Banks in Nigeria. The corresponding null hypothesis states that Forensic accounting has no significant effect on both financial fraud and corporate performance of deposit Money Banks in Nigeria. Table 4 presents a comparative analysis of two models—Model I (without moderator) and Model II (with forensic accounting as a moderator)—to assess whether forensic accounting strengthens, weakens, or does not affect financial fraud and corporate performance of deposit Money Banks in Nigeria relationship.
Table 4: Comparative Analysis of Moderating Effect of Forensic Accounting on financial fraud and corporate performance of deposit Money Banks in Nigeria



	


	
	MODEL I
	MODEL II

	
	Fixed Effect or Least Square Dummy Variable (LSDV)
	Random Effects
	Fixed Effect or Least Square Dummy Variable (LSDV)
	Random Effects

	
	Coeff.
	Prob.
	Coeff.
	Prob.
	Coeff.
	Prob.
	Coeff.
	Prob.

	FSF
	0.000767
	0.0000
	0.000755
	0.0000
	0.002695
	0.0207
	0.002495
	0.0244

	TEF
	-0.003652
	0.0492
	-0.003306
	0.0650
	-0.016236
	0.0468
	-0.014902
	0.0571

	EF
	2.17E-09
	0.4554
	2.30E-09
	0.4272
	-2.61E-09
	0.8991
	3.70E-10
	0.9844

	FSF*FA
	-
	-
	
	-
	-0.000480
	0.0922
	-0.000431
	0.1111

	TEF*FA
	-
	-
	-
	-
	0.003031
	0.1128
	0.002820
	0.1258

	EF*FA
	-
	-
	-
	-
	1.36E-09
	0.7853
	6.48E-10
	0.8881

	R2
	0.237175
	
	0.226724
	-
	0.265962
	-
	0.252404
	-

	DW Sta
	2.080496
	
	2.073860
	
	2.163735
	
	2.145783
	

	F-Stat
	2.020954
	
	5.570778
	
	1.926054
	
	4.163980
	

	P(F-Sta)
	0.018094
	
	0.000043
	
	0.019681
	
	0.000120
	

	Hausman. Test Pro.
	0.0043
	
	0.0043
	
	0.0034
	
	0.0034
	


Source: Author’s (2025)
Table 4 presents a comparative analysis of two econometric models used to determine whether forensic accounting moderates the relationship between financial fraud and corporate performance in Deposit Money Banks in Nigeria. Model I excludes forensic accounting, while Model II incorporates forensic accounting interaction terms. This comparison helps assess whether forensic accounting strengthens, weakens, or has no effect on how different forms of financial fraud influence return on assets (ROA).
Before comparing the models, the Hausman test results were examined to identify the most appropriate estimator. The probability values for both Model I and Model II (0.0043 and 0.0034 respectively) were far below the 5% significance threshold, indicating that the fixed-effect model provides more reliable and consistent estimates than the random-effect model. Consequently, the interpretation focuses primarily on the fixed-effect (LSDV) results across both models. In Model I, financial statement fraud (FSF) showed a positive and highly significant effect on ROA. This suggests that, in the absence of forensic accounting intervention, manipulation of financial statements appears to correlate with improved reported performance, likely due to the inflation of earnings or concealment of losses. Tax evasion fraud (TEF) had a negative and statistically significant effect, indicating that tax-related fraudulent activities undermine banks’ profitability. Electronic fraud (EF), however, was not statistically significant, implying no measurable direct effect on performance under the baseline model.
After introducing forensic accounting in Model II, notable changes occurred. The coefficient for financial statement fraud increased significantly, although statistical significance decreased slightly. This indicates that forensic accounting reveals a stronger underlying relationship between FSF and performance, exposing the true extent of manipulation once forensic scrutiny is applied. For tax evasion fraud, the coefficient became substantially more negative in Model II, suggesting that forensic accounting amplifies the negative impact of tax-related fraud on corporate performance. This can be interpreted as evidence that forensic techniques increase detection, reduce concealment, and reveal the full financial consequences of TEF on banks’ profitability. Electronic fraud remained insignificant even after moderation, showing that forensic accounting does not meaningfully alter its relationship with corporate performance.
The interaction terms provide further insight into the moderating effect. The FSF*FA interaction was negative and marginally insignificant, indicating that forensic accounting weakens the deceptive positive influence of FSF by uncovering misstatements and suppressing artificially inflated performance. The TEF*FA interaction was positive but insignificant, suggesting that forensic accounting might slightly offset the damaging effect of tax evasion, although the evidence is not strong enough to confirm this statistically. The EF*FA interaction was also insignificant, reinforcing the finding that forensic accounting does not significantly moderate the relationship between electronic fraud and ROA.
Comparing the overall explanatory power, Model II (R² = 0.266) explains slightly more variation in corporate performance than Model I (R² = 0.237), demonstrating that incorporating forensic accounting improves the model’s predictive strength. In addition, autocorrelation diagnostics (DW ≈ 2.16 for Model II) confirm that the model is free from serious serial correlation, further supporting the reliability of the moderated results. The comparative analysis demonstrates that forensic accounting does influence the relationship between financial fraud and corporate performance. It strengthens the negative effect of tax evasion, weakens the artificially positive effect of financial statement fraud, and improves the overall explanatory power of the model. While some moderating effects were not statistically significant, the direction and magnitude of changes show that forensic accounting plays a meaningful role in shaping how fraud affects bank performance. Based on these findings, the null hypothesis that forensic accounting has no significant effect on the relationship between financial fraud and corporate performance cannot be supported.
4.3 Analysis of Causality (Objective 2)
The two objective of this study is to determine whether a causal relationship exist between financial fraud variables and corporate performance of Deposit Money Banks in Nigeria. To explore this, a Pairwise Granger Causality Test was conducted to assess whether past values of one variable can statistically predict another. The null hypothesis in each case assumes that no causal relationship exists between the tested variables.
 The decision rule on whether two variables have causal link is to compare the probability of F-Statistics with the level of significance (5%). If the Prob (F-Stat) is greater than 5% level of significance for two variables considered, our null hypothesis stating no causal relation cannot be rejected and vice-versa. A uni-directional causality arises when the probability of one variable considered is less than 5% level of significance. Where the probabilities of F-Stat of two variables considered are less than 5%, it implies that the variables have bi-directional causality. Table 5 contains the summary of the panel causality test for listed manufacturing firms’ data.
Table 5: Panel Causality Test Results
	Pairwise Granger Causality Tests

	Sample: 1 121
	

	Lags: 2
	
	

	
	
	
	

	
	
	
	

	 Null Hypothesis:
	Obs
	F-Statistic
	Prob. 

	
	
	
	

	
	
	
	

	 FSF does not Granger Cause ROA
	 119
	 0.18560
	0.8309

	 ROA does not Granger Cause FSF
	 0.59711
	0.5521

	
	
	
	

	
	
	
	

	 TEF does not Granger Cause ROA
	 119
	 1.14890
	0.3206

	 ROA does not Granger Cause TEF
	 2.13992
	0.1224

	
	
	
	

	
	
	
	

	 EF does not Granger Cause ROA
	 119
	 2.00434
	0.0057

	 ROA does not Granger Cause EF
	 0.28427
	0.7531

	
	
	
	

	
	
	
	

	 TEF does not Granger Cause FSF
	 119
	 0.98567
	0.3763

	 FSF does not Granger Cause TEF
	 1.66764
	0.1933

	
	
	
	

	
	
	
	

	 EF does not Granger Cause FSF
	 119
	 1.69224
	0.1887

	 FSF does not Granger Cause EF
	 0.36976
	0.6917

	
	
	
	

	
	
	
	

	 EF does not Granger Cause TEF
	 119
	 0.78913
	0.4567

	 TEF does not Granger Cause EF
	 0.66989
	0.5138

	
	
	
	

	
	
	
	


Source: Author’s Computation (2026)

The Pairwise Granger Causality Tests were conducted to examine the predictive relationships between financial fraud variables—Financial Statement Fraud (FSF), Tax Evasion Fraud (TEF), and Electronic Fraud (EF)—and corporate performance, measured by Return on Assets (ROA), using a two-lag specification with 119 observations. The test also investigates causal interactions among the fraud variables themselves.
Starting with the relationship between FSF and ROA, the results indicate no evidence of causality in either direction. FSF does not Granger-cause ROA (F = 0.1856, p = 0.8309), and ROA does not Granger-cause FSF (F = 0.5971, p = 0.5521)”. This implies that historical changes in financial statement fraud do not predict future bank performance, and similarly, past performance does not forecast FSF. The lack of causality may reflect the short-term concealment of fraudulent reporting in financial statements or delayed effects on performance. For TEF, the results also show no significant causality with ROA. TEF does not Granger-cause ROA (F = 1.1489, p = 0.3206), and ROA does not Granger-cause TEF (F = 2.1399, p = 0.1224). Although the F-statistic for ROA predicting TEF is slightly higher, the p-value remains above 0.05, indicating no statistical significance. This suggests that tax evasion fraud does not immediately influence corporate performance, and past performance does not systematically predict tax evasion.
In contrast, for Electronic Fraud (EF), the results reveal a significant unidirectional causality from EF to ROA. EF does Granger-cause ROA (F = 2.0043, p = 0.0057), whereas ROA does not Granger-cause EF (F = 0.2843, p = 0.7531). This indicates that variations in electronic fraud can predict subsequent changes in bank performance, suggesting that the financial impact of EF may materialize quickly and affect profitability, while ROA does not influence the occurrence of EF. Examining the interactions among fraud variables, none of the tests show significant causal links. TEF does not Granger-cause FSF (p = 0.3763), and FSF does not Granger-cause TEF (p = 0.1933). EF does not Granger-cause FSF (p = 0.1887), nor does FSF Granger-cause EF (p = 0.6917). Similarly, EF and TEF do not predict each other (p > 0.45). These results suggest that different types of fraud operate independently and are not temporally linked in a predictive sense.
In summary, the Granger causality analysis shows that, in the context of Nigerian Deposit Money Banks, most fraud types (FSF and TEF) do not exhibit predictive causality with corporate performance, nor do they predict one another. The only exception is electronic fraud, which shows a significant unidirectional effect on ROA, indicating that EF has the potential to influence future bank performance. These findings highlight that while traditional financial frauds may have latent or delayed impacts, electronic fraud appears to have immediate financial consequences that can be anticipated in short-term performance measures.
4.5	Statistical Properties and Post Diagnostic Results
Table 6 Heteroskedasticity Test: Breusch-Pagan-Godfrey
	Heteroskedasticity Test: Breusch-Pagan-Godfrey

	
	
	
	
	

	
	
	
	
	

	F-statistic
	1.480149
	    Prob. F(6,114)
	0.1912

	Obs*R-squared
	8.744957
	    Prob. Chi-Square(6)
	0.1884

	Scaled explained SS
	2.295390
	    Prob. Chi-Square(6)
	0.8906

	
	
	
	
	

	
	
	
	
	

	
	
	
	
	

	Test Equation:
	
	
	

	Dependent Variable: RESID^2
	
	

	Method: Least Squares
	
	

	Date: 11/26/25   Time: 19:56
	
	

	Sample: 1 121
	
	
	

	Included observations: 121

Table 7- Regression Analysis
	
	

	
	
	
	
	

	
	
	
	
	

	Variable
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	
	
	
	
	

	
	
	
	
	

	C
	6.64E-08
	1.31E-06
	0.050904
	0.9595

	FSF
	-2.90E-07
	1.62E-07
	-1.784906
	0.0769

	TEF
	2.47E-06
	1.74E-06
	1.416898
	0.1592

	EF
	1.07E-12
	2.84E-12
	0.378283
	0.7059

	FSZ
	2.54E-07
	1.99E-07
	1.274783
	0.2050

	LEV
	-4.90E-07
	1.02E-06
	-0.478476
	0.6332

	GRO
	8.83E-07
	2.86E-06
	0.309072
	0.7578

	
	
	
	
	

	
	
	
	
	

	R-squared
	0.072272
	    Mean dependent var
	1.90E-06

	Adjusted R-squared
	0.023445
	    S.D. dependent var
	1.46E-06

	S.E. of regression
	1.45E-06
	    Akaike info criterion
	-23.99715

	Sum squared resid
	2.39E-10
	    Schwarz criterion
	-23.83541

	Log likelihood
	1458.827
	    Hannan-Quinn criter.
	-23.93146

	F-statistic
	1.480149
	    Durbin-Watson stat
	0.703401

	Prob(F-statistic)
	0.191155
	
	
	

	
	
	
	
	

	
	
	
	
	


Source: Author’s Computation (2026)

The Breusch-Pagan-Godfrey heteroskedasticity test was conducted to determine whether the variance of the error term in the regression model remained constant across observations. The results show that the F-statistic (1.480149) has an associated probability value of 0.1912, while the Obs*R-squared statistic (8.744957) also has a probability value of 0.1884. Similarly, the Scaled Explained SS test reports a probability value of 0.8906. Since all the p-values are greater than the 5 percent level of significance, the study fails to reject the null hypothesis of homoskedasticity. This indicates that there is no statistical evidence of heteroskedasticity in the model.
The absence of heteroskedasticity implies that the variance of the residuals is constant, and therefore, the model satisfies a key classical OLS assumption. As a result, the estimated coefficients, their standard errors, and the corresponding statistical inferences are considered reliable and unbiased under the standard OLS framework. The auxiliary regression of the squared residuals on the explanatory variables further supports this conclusion, as none of the variables significantly accounts for variations in the residual variance, and the R-squared value is very low (0.0723).
Overall, the Breusch-Pagan-Godfrey test confirms that the regression model is not affected by heteroskedasticity, and the parameter estimates can be interpreted with confidence.
Table 8: Ramsey RESET Test 

	Ramsey RESET Test
	
	

	Equation: UNTITLED
	
	

	Specification: ROA FSF TEF EF FSZ LEV GRO  C

	Omitted Variables: Squares of fitted values
	

	
	
	
	
	

	
	
	
	
	

	
	Value
	Df
	Probability
	

	t-statistic
	 1.392883
	 113
	 0.1664
	

	F-statistic
	 1.940122
	(1, 113)
	 0.1664
	

	Likelihood ratio
	 2.059843
	 1
	 0.1512
	

	
	
	
	
	

	
	
	
	
	

	F-test summary:
	
	

	
	Sum of Sq.
	Df
	Mean Squares
	

	Test SSR
	 3.87E-06
	 1
	 3.87E-06
	

	Restricted SSR
	 0.000230
	 114
	 2.01E-06
	

	Unrestricted SSR
	 0.000226
	 113
	 2.00E-06
	

	
	
	
	
	

	
	
	
	
	

	LR test summary:
	
	

	
	Value
	
	
	

	Restricted LogL
	 625.4100
	
	
	

	Unrestricted LogL
	 626.4399
	
	
	

	
	
	
	
	

	
	
	
	
	


Source: Author’s Computation (2026)
The Ramsey RESET test was employed to assess whether the regression model suffers from specification errors such as omitted variables, incorrect functional form, or neglected nonlinearities. The test introduces higher-order terms of the fitted values to determine if they significantly improve the model. The results show that the t-statistic of 1.392883 has a probability value of 0.1664, while the F-statistic of 1.940122 similarly records a p-value of 0.1664. In addition, the likelihood ratio (LR) statistic yields a value of 2.059843 with a probability of 0.1512. Since all p-values are greater than the 5% level of significance, the null hypothesis of no functional form misspecification cannot be rejected.
This outcome indicates that including the squared fitted values does not significantly enhance the explanatory power of the model. The comparison between the restricted and unrestricted models further reinforces this conclusion. The unrestricted model shows only a negligible improvement in the sum of squared residuals (from 0.000230 to 0.000226), and the increase in log likelihood (from 625.4100 to 626.4399) is too small to be deemed statistically meaningful. Overall, the Ramsey RESET test confirms that the model is correctly specified. There is no evidence of omitted variable bias or improper functional form. Thus, the linear specification of the model is appropriate, and the estimated coefficients can be interpreted reliably without concern for underlying specification errors.

5. Conclusion and Recommendations
This study concludes that financial fraud has significant but heterogeneous effects on the corporate performance of Deposit Money Banks in Nigeria, with the nature and timing of the impact depending largely on the type of fraud involved and the presence of forensic accounting mechanisms. While financial statement fraud can temporarily inflate reported profitability in the absence of strict scrutiny, tax evasion fraud persistently erodes performance due to its regulatory, financial, and reputational consequences, and electronic fraud poses an immediate threat to future profitability through its direct causal effect on performance. The moderating role of forensic accounting is therefore crucial, as it weakens the deceptive gains from financial statement manipulation and strengthens the exposure of tax-related fraud, thereby improving transparency and reporting discipline. 
Based on these findings, the study recommends that Deposit Money Banks institutionalize forensic accounting units, integrate forensic techniques into routine audits, and invest in advanced fraud detection technologies, particularly to combat electronic fraud. Regulators and policymakers should also strengthen enforcement frameworks, mandate forensic audit disclosures, and enhance capacity building for forensic professionals, while bank management should reinforce internal controls and ethical compliance systems to ensure sustainable performance and restore stakeholder confidence in the Nigerian banking sector.
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