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ABSTRACT
[bookmark: _GoBack]Investor sentiment is a critical factor that cannot be directly measured, it depicts how investors react to emotions, fear, gains, and losses in the capital market. Investors' sentiment has varying impacts on all market participants, both positively and negatively. This study examines interplay of sentiment index and stock return in Nigerian capital market covering period 30/04/2019 to 02/06/2025, using daily secondary time series data with focus on constructing a tailored sentiment index, identifying sentiment indicators that contribute most to sentiment index and interplay between sentiment index and stock return in Nigerian capital market. The sentiment index is constructed using principal component analysis (PCA) with sentiment indicators: trading volume, exchange rate, and interest rate. The study adopts PCA and ordinary least regression (OLS) estimation techniques to analyze dynamic interactions between investor sentiment index and stock returns in Nigerian capital market. The study findings revealed sentiment index is not statistically significant and cannot influence stock returns, while trading volume and exchange rate contribute most to sentiment index in Nigerian capital market. This implies that investors mirror market trading activities in stock selection for trading which promote sentiment driven trading in the market. Also, findings revealed Volatility index (VIX) is statistically significant and good predictor of stock return. this implies, stock price movement is a reflection of how investors respond to market activities. Hence, regulatory authorities should implement robust policies in the area of exchange rate and volatility management as a critical tool for capital market performance for both retail, institutional, and foreign portfolio investors. 
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1.	INTRODUCTION
The dynamics of stock price movements have long intrigued both academics and practitioners in the quest for drivers of stock returns and identifying impact of the drivers on stock return and price movement. Cui, Wei, and Gao. (2025) opined that in-depth study by scholars to identify determinants of stock returns is not only essential for unraveling market anomalies and optimizing investment timing but also serves as a critical guiding framework for investors seeking to maximize portfolio performance and returns while Busari, Awotundun and Anifowose (2024) suggested that every investor anticipates to get optimal return from every investment decision irrespective of risk consideration employed in making such investment decisions. Investor sentiment is globally recognized as a pivotal influencer of stock returns which made capturing investor sentiment accurately and quantifying its impact on stock prices still presents a significant challenge. Investor sentiment is considered a critical factor in the global capital market, with heterogeneous effects across different time horizons, industries, sectors, regions, and countries, implying impact of sentiment differs according to events and situations.  Leong, Li, Li, Peng, and Xu (2025) believed investor sentiment refers to investors' perceptions of an asset's future potential return, influenced by available public information, unobservable private information, and subjective judgment by market participants, Okey (2017) defined investor sentiment as the investment decisions about asset prices that deviate from underlying economic and market fundamentals while Baker and Wurgler (2006) defined sentiment as investor tendency or inclination to speculate in the stock market.
Every investment decision is rooted in biases and anomalies, which could be market-based, macroeconomic-based, firm characteristics-based, and behavioral-based making potential investors in the capital market to be irrational in decision making due to the inherent complex nature of the capital market involving market stakeholders, multi-factor anomalies and biases controlling the market. Hence, making it time-consuming to consider all available information and appraise all potential risk factors for investment decision making.  Huang and Huang (2025) expressed that from the perspectives of behavioral finance, individual investors are susceptible to emotional influences in decision-making than institutional investors while Ayinuola and Adetiloye (2023) argued that investors do succumb to external factors than market fundamentals due to market participants mindset about capital market structure which makes investors attach less attention to market volatility, returns and asset prices
Fama (1981) in his efficient market hypothesis (EMH) argued that available information in the market is a critical matter and this information can be market, economic or non-market driven. The Efficient Market Hypothesis tends towards a rational attitude and behavior, rather than cognitive and behavioral, by considering the importance of information availability about firm, market, management, firm operations, and historical price trends for predicting stock market prices and returns. However, due to cognitive capacity and bias nature of human beings and investors, every potential investor tends to align with sentiments more in selecting stocks that would likely give best return due to time and resources commitment, professional expertise, and mathematical calculations involving high level formulas and models in analyzing information and historical price trends for prediction and decision making. Baker and Wurgler (2007) argued that while traditional finance theories typically assume efficient markets and rational investors, emerging insights from behavioral finance challenge these assumptions by emphasizing significant role psychological biases play in influencing asset pricing.
[bookmark: _Hlk203230680][bookmark: _Hlk203230706]In Nigeria, institutional and foreign portfolio investors dominate trading activities and account for a significant portion of trading volume and liquidity compared to retail investors. This dominance is largely attributed to information asymmetry that characterizes the Nigerian capital market, where institutional investors possess superior access to information, liquid cash, analytical tools, and expertise necessary for forecasting asset price movements. As a result, their trading decisions often serve as a guide and benchmark for retail investors, who tend to align their sentiment and stock selection strategies with observed market trends and institutional activity. Ajibola, Oni, and Awolaja (2025) opined that investor sentiment can drive markets beyond their intrinsic values during periods of excessive optimism or pessimism, leading to overvaluation or undervaluation of assets. This raises a critical problem awaiting solution: do retail investors genuinely apply sentiment in assessing asset price movements, or do they merely mirror the trading patterns of institutional investors by focusing on actively traded and high-performing stocks during certain periods? Cherono, Olweny, and Nasieku (2019) opined that uninformed market participants tend mirror market trend trading as a result of information asymmetry that is synonymous to capital market which drives price volatility, Zhang (2008) opined that sentiments is the beliefs and expectations of market participants relative to fundamental values while Zhang, Chen, Liu, and Liu (2018) argued that when both individual and institutional investors participate in the market simultaneously, the latter's advantages in capital and information allow them to influence market perception and increase demand for favored stocks. This implies that investors correctly use wrong information, or that they wrongly use correct information to drive mispricing resulting to sentiments in the market. Conversely, Huynh, De Mello, and Li (2025) observed that the growing academic interest in investor sentiment is largely driven by increasing public involvement in financial markets and the evolution of sophisticated sentiment measurement techniques. These advancements have been facilitated by widespread use of social media and breakthroughs in artificial intelligence, both enabled by broader access to freedom of information.
[bookmark: _Hlk203230755]The Nigerian capital market is characterized by periodic volatility, speculative trading, and low participation of institutional investors relative to developed economies which made the market to experience fluctuating performance cycles influenced not only by macroeconomic factors but also by sociopolitical events, media narratives and global economy shift which promotes the relevance and consideration of sentiment in asset pricing and investment decisions. The study objectives intend to look at interplay of sentiment index and stock return in Nigeria capital market, construction of a sentiment index tailored to Nigeria Market, the sentiment factors that contribute most to the sentiment index and how sentiment influence stock return volatility in Nigerian market. Ung, Gebka, and Anderson (2024) identified a major challenge in measuring investor sentiment lies in the fact that it is an untouchable or unobservable, factor influencing investor decision making. During politically motivated events or tense periods such as elections, hike in fuel cost, fuel subsidy protests, investor optimism or fear often drives short-term asset mispricing without any relationship to market fundamentals. Also, the recent surge in FinTech companies in capital market space and surge in social media personal finance advocates has seen a remarkable interest in capital market by individual and retail investors promoting sentiment-led valuation shifts not entirely anchored in fundamentals. Zhao, and Wei (2024) agreed that with the accelerating pace of globalization, deeper integration of financial markets, and rapid advancements in information technology enabling swift information flow and dissemination, investor psychology and corporate governance are gaining heightened importance and momentum especially within emerging and developing economies.
Recent studies suggest that in frontier markets, especially Nigeria, retail investors often rely on limited or delayed information, trending behavior, herd mentality, and reactions to public events. These behavioral patterns make the construction of a sentiment index which aggregates various proxies like trading volume, exchange rate, and inflation rate crucial for understanding stock return patterns in relation to sentiment in Nigeria capital market. While global studies abound on  sentiment-return relationship there is a scarcity of sentiment-based empirical models tailored to the Nigerian context. Most Nigerian studies focus on macroeconomic drivers of returns, with limited integration of behavioral finance constructs with other risk factors. Few have systematically constructed a local sentiment index or explored its predictive power on stock returns using long-term data. Moreover, recent studies by Nigerian scholars recommend the incorporation of psychological market variables into predictive return models to enhance accuracy and relevance for portfolio managers and policy architects
This study provides empirical evidence on influence of a tailored sentiment index that reflects the true nature of the market and economy on stock returns in a frontier market context, using Nigeria as a case study. The findings will help portfolio managers and traders understand behavioral signals driving market volatility, provide regulators and policymakers with insights into how sentiment-driven factors affect market efficiency, contribute to behavioral finance literature by proposing a Nigeria-specific sentiment index, and assist investors in enhancing return forecasts through sentiment-informed models.
2.	LITERATURE REVIEW
The concept of investor sentiment was notably introduced by Barberis, Shleifer, and Vishny (1998) during early development of behavioural finance, where it was defined as a form of collective cognitive bias. This bias arises when investors diverge from assumptions of classical expected utility theory, leading to systematic errors in judgment and deviations from rational decision-making paradigms. In an earlier foundational work, Shleifer and Vishny (1997) described investor sentiment as systematic deviation of investor expectations regarding future returns relative to current asset valuation under conditions of uncertainty. Building on these perspectives, Barberis, Shleifer, and Vishny (1998) critically evaluated the limitations of traditional utility-based models, arguing that such frameworks are insufficient in capturing the emotional and psychological dimensions of investor behavior. Quantifying investor sentiment poses substantial methodological challenges, particularly in the absence of a universally accepted measurement standard. Beer and Zouaoui (2013) argued that despite this complexity, both academic researchers and market practitioners have developed three primary approaches to measuring investor sentiment: direct indicators, indirect indicators, and composite indicators Direct indicators involve the collection of primary data, typically through surveys, sentiment polls, or analysis of social media content. These measures aim to capture investor expectations and emotional responses to market conditions. Indirect indicators rely on observable market behaviors and publicly available market trading data. Composite sentiment indicators are constructed by aggregating multiple direct and indirect proxies using statistical techniques such as Principal Component Analysis (PCA). This approach allows for a more robust and multidimensional assessment of sentiment, capturing underlying trends that may not be evident in individual indicators. Composite indices provide a comprehensive framework for understanding dynamics of investor sentiment and its impact on asset pricing and market volatility. Investor sentiment is a dynamic concept that swings between optimism and pessimism depending on market conditions and responses to externalities. It promotes mispricing, market anomalies, and mispricing corrections: periods of high optimism might lead to overvaluation and subsequent corrections, while periods of extreme pessimism might lead to undervaluation and opportunities for future gains. Understanding these asymmetric effects is crucial to beat and take advantage of the market for higher returns, as the market's response to positive news might differ from its response to negative news, especially in markets with varying levels of information efficiency.
Classical finance theory posits that asset prices are determined exclusively by the utility-maximizing behavior of rational investors and the availability of complete information. It largely overlooks the influence of investor sentiment. Huang, and Huang (2025) when errors made by investors show correlation, they are likely to make similar erroneous judgments about the same targets, thereby generating investor sentiment. However, the emergence of investor sentiment as a concept stems from one of the key criticisms of the Efficient Market Hypothesis (EMH), which acknowledges that timely and equal access to information is not always guaranteed for all market participants. Consequently, investor sentiment has gained significant traction in recent literature as a non-fundamental factor that can impact asset pricing and enhance the predictability of stock returns. Pham, Pham, Pham, and Tiwari (2025) opined that sentiment index could be survey-based, Internet-based, and market-based sentiment indexes. Leong, Li, Li, Peng, and Xu (2025) opined that subjective judgment in sentiment consideration could be shaped by psychological factor, peer effect, and irrational behaviors which affect individual's investment decision. Baker and Wurgler (2006) utilize principal component to construct the first sentiment index, incorporating six proxies:  closed-end fund discounts, NYSE share turnover, number and average first-day returns, equity shares in new issues, and the dividend premium. Fisher and Statman (2003) explored survey-based measures, such as the University of Michigan's Consumer Sentiment Index and the American Association of Individual Investors sentiment survey. Kumar and Lee (2006) construct a sentiment index based on retail investor transaction behaviors, while Da, Engelberg, and Gao (2015) and Tetlock (2007) create daily indices using text analytics and Google Trends searching volume index, respectively. 
2.1	EMPIRICAL REVIEW
Leong, Li, Li, Peng, and Xu (2025) extended the seminal work of Baker and Wurgler (2006) and the findings showed predictive strength of sentiment proxies can shift or invert over time. Almansour (2015) investigated impact of investor sentiment on stock returns by considering firm-specific characteristics and study found that effect of sentiment varies significantly with firm age and risk profile, while firm size appeared to have no substantial moderating influence. Ajibola, Oni, and Awolaja (2025) computed an Investor Sentiment Index (ISI) for Nigerian stock market using Hamilton Filter Decomposition method. The variable used for sentiment index is all share index and findings from the computed index suggest that investor sentiment generally follows the market’s movements, exhibiting greater volatility during periods of crises. Naas, Bin Al-Dhab, and Bemsamia (2019) proposed a sentiment index for stock returns for Arab market. The variables employed are Turnover Ratio, Price-to-Earnings Ratio, Short-Term Trading, Price-to-Earnings Ratio, Advance-Decline Ratio, and Volatility Index. The study used Principal component analysis and findings concluded sentiment has a role in determining stock returns and volatility. Moodley, Ferreira-Schenk, and Matlhaku (2025) examined effects of investor sentiment on Johannesburg Stock Exchange (JSE) index returns in bull and bear market conditions. The study constructed a market wide sentiment index using CNN Fear and Greed Index, South African Consumer Confidence Index, Rand/Dollar Bid-Ask Spread, South African Volatility Index, Equity-Issue Ratio, Advance/Decline Ratio Index, Share Turnover Ratio and findings showed that effects of investor sentiment on JSE index returns are regime-specific and time-varying in a way that they are dependent on market conditions (bull or bear) and the type of JSE index (aggregated or disaggregated index). Gambarelli, and Muzzioli (2025) investigated whether Bloomberg investor sentiment index can provide valuable information for investors and fund managers for the purposes of stock picking and portfolio selection. Findings showed high (low) sentiment stocks exhibit high (low) returns on average and sentiment is a priced factor in cross-section of stock returns. Yu, Liang, Liu, and Cui (2025) examined the impact of ESG sentiment index on the forecast of excess stock returns. Findings indicate that SESG predictions of market excess returns are statistically significant in both in-sample and out-of-sample analyses, with stronger predictive power during high sentiment periods compared to low sentiment periods. Kim, and Lee (2022). examines relationship between investor sentiment and stock returns in Korean stock markets. The iinvestor sentiment index includes adjusted turnover rate, buy–sell imbalance, and relative strength index and findings revealed that investor sentiment significantly affects stock returns.
2.2	THEORETICAL REVIEW
PROSPECT THEORY (KAHNEMAN AND TVERSKY, 1979)
Prospect Theory, introduced by Kahneman and Tversky (1979), is a cornerstone of behavioral finance and offers critical insights into how investors perceive gains and losses under uncertainty. It fundamentally departs from the traditional Expected Utility Theory by suggesting that individuals value gains and losses differently, leading to irrational financial behaviors that influence asset prices and market dynamics. The theory is grounded in two key behavioral principles: Loss aversion where Investors feel pain of losses more intensely than pleasure of equivalent gains and Reference dependence where Investors evaluate outcomes relative to a reference point, not based on final wealth levels. Also, investors tend to Exhibit framing effects and mental accounting, where identical outcomes are evaluated differently depending on how they are presented. This behavioral asymmetry leads investors to deviate from rational, utility-maximizing decisions and instead respond emotionally to perceived gains or losses. Such reactions contribute to overreaction, underreaction, and herd behavior, all of which are core components of investor sentiment. Prospect Theory provides a strong explanatory foundation for formation and influence of investor sentiment on market behavior. Sentiment is often driven by unexpected price trends, media framing, and reference points, which influence how investors perceive gains or losses. Overconfidence and optimism during bullish markets lead to risk-taking and price surges. Fear and pessimism during downturns trigger panic selling and excessive risk aversion. Hence, Investor decisions are often based on emotion and sentiment, not fundamentals. In this context, stock return patterns may reflect behavioral biases rather than efficient pricing. The Nigerian capital market presents a fertile ground for Prospect Theory. Several market features such as high retail investor participation, market illiquidity, limited financial literacy, and strong social media influence encourage behavior consistent with the theory. Investor sentiment is often shaped by short-term movements in All Share Index, interest rate announcements, exchange rate fluctuations and inflation fears indicators that trigger psychological framing about the market.
3.	METHODOLOGY
This section outlines research methodology employed to examine the interplay between investor sentiment index and stock return in the Nigerian capital market. It details research design, data sources, population and sample, model specification, estimation techniques, and robustness tests for data validity and reliability. This study adopts quantitative research design, daily time series secondary data from 30/04/2019 to 02/06/2025. The design is appropriate for examining trading activities, patterns and causal relationships between indirect investor sentiment indicators (market-based sentiment proxies) and stock returns in the Nigeria capital market with a focus on constructing a sentiment index suitable for Nigerian capital market peculiarity based on available data. Indirect measures have a considerable advantage over direct measures because: they are based on available market data and easy to construct, they reflect real-time capacity of market participants and show the strength of their bullishness or bearishness. Given existing literatures on investor sentiments, Beer and Zouaoui (2013) categories the methodological approaches to investor sentiments into three broad categories: direct measurement, indirect measurement and composite index measurement. This study would adopt composite index measurement of investor sentiments based on available data to know strength of individual sentiment proxies as against composite index in understanding impact on stock return and volatility in the Nigerian capital market.  The adoption of these indirect sentiment proxies (trading volume, interest rate and exchange rate) for constructing the sentiment index points to the unique nature of Nigeria's capital market as institutional investors and foreign portfolio investors trading activities signal and promote the capital market in which retail investors rely upon to invest in the capital market. The study uses secondary data sourced from Nigerian Exchange (NGX) for all share index and trading volume, and the Central Bank of Nigeria (CBN) for macroeconomic indicators (exchange rate and 10-year bond rate). The study population consists of all listed financial and non-financial stocks on Nigerian Exchange during the period 30/04/2019 to 02/06/2025, and a purposive sample of all active trading stocks is selected based on data availability and relevance to both institutional and retail investors. The explained variable is the daily stock return proxy by all share index, while the explanatory variables are proxies for sentiment index (trading volume, moderated with macroeconomic indicators - exchange rate and interest rate). The explanatory variable proxies are carefully selected as they reflect the real market trading activities and macroeconomic activities in response to market and investor behaviours. The sentiment variables would be in two parts: composite index (sentiment index), and aggregate market sentiment proxy (changes in all share index with 3-day rolling over – volatility index). The anchor theory for this study is Prospect theory by Kahneman and Tversky (1979), which explains how investors perceive gains and losses under conditions of uncertainty to influence investment decision making. 
CONSTRUCTION OF SENTIMENT INDEX
To quantify investor sentiment, a Sentiment Index would be constructed using Principal Component Analysis (PCA). The index was derived from macroeconomic and market variables: Exchange Rate (EXR), Inflation Rate (INTR), and Trading Volume (TVOL). These variables were standardized using the Z-score transformation to ensure uniform scale. Each data point is subtracted from the mean value of the variable divided by the standard deviation of the variable. The PCA extracted uncorrelated linear components from the standardized variables. The first principal component (PC1), which accounted for the highest proportion of total variance, was selected as the Sentiment Index. The eigenvectors (loadings) were examined to determine the relative contribution of each variable to the sentiment index.
MODEL SPECIFICATION
The study model's empirical analysis would be anchored on Ajibola, Oni, and Awolaja (2025). computed an Investor Sentiment Index (ISI) for the Nigerian stock market using the Hamilton Filter Decomposition method. The study findings reveal a strong relationship between investor sentiment index and market movements. This model is adapted because it focuses on the frontier market and also analyzes investor sentiment index and market behaviours. For dynamic nature of Nigeria as a frontier market and peculiarity of market participants (retail investors, portfolio investors, and institutional investors), the study would adapt Ajibola, Oni, and Awolaja (2025) by modifying and constructing sentiment index using trading volume, exchange rate and interest rate, while the explanatory variables are sentiment index constructed (aggregate investor sentiment), and volatility index (aggregate market sentiment). The adoption of this model is unique to this study, as it captures sentiment factors related to individual investors, the aggregate market, and macroeconomic factors. To conduct empirical analysis for this study, the model would be
=  +   +   + 
=  +   +   + 
Where:  is the stock market return (all share index),  trading volume (market activity sentiment),  Volatility index (uncertainty/fear sentiment),   interest rate-10yr bond rate (macroeconomic sentiment),  exchange rate (macroeconomic sentiment),  sentiment index, is time interval the error term.
4.	RESULTS AND DISCUSSION
This chapter presents empirical findings of the relationship between investor sentiment index and stock returns in the Nigerian capital market, based on daily time series data analysis from 30/04/2019 to 02/06/2025. The data analysis is conducted using EViews, and the results are discussed in line with the research questions.
DESCRIPTIVE STATISTICS
Table 1 presents descriptive statistics for all the variables. All variables have positive mean values while sentiment index (SENT_INDEX) has a mean value of 0.00.  For standard deviation, volatility index (VIX) has a higher volatility 0.07721 while the sentiment index has a standard deviation of 1.02661. For kurtosis, exchange rate and interest rate have higher kurtosis (EXR- 51.84, INTR-45.61). The mean value and standard deviation of sentiment index showed that sentiment index is centred around zero with strong dispersion aligning with principal component analysis for constructing sentiment index. Also, the kurtosis value for EXR and INTR showed that extreme non-normality suggesting policy effects and market shocks on stock returns.
TABLE 1	DESCRIPTIVE STATISTICS
	 
	R
	TVOL
	VIX
	EXR
	INTR
	SENT_INDEX

	 Mean
	0.00088
	0.00025
	0.08429
	0.00111
	0.00021
	0.00000

	 Median
	0.00023
	0.00002
	0.06025
	0.00000
	0.00000
	-0.00007

	 Maximum
	0.06048
	1.15605
	0.62588
	0.31185
	0.20353
	7.98114

	 Minimum
	-0.05033
	-1.02976
	0.00177
	-0.18602
	-0.20490
	-6.70932

	 Std. Dev.
	0.00821
	0.21720
	0.07721
	0.02511
	0.01876
	1.02661

	 Skewness
	0.62151
	0.10242
	2.08708
	3.14018
	-1.08171
	0.45985

	 Kurtosis
	10.54049
	6.08738
	9.18422
	51.84333
	45.61313
	12.27673



STATIONARITY TEST
To ensure valid regression estimation and avoid spurious results, all variables were subjected to the Augmented Dickey-Fuller (ADF) and Phillip Perron (PP) unit root test. The results indicated that all variables were stationary at level I(0) and also stationary across all functions, with/without constant and trend
PRINCIPAL COMPONENT ANALYSIS
Three variables: exchange rate, interest rate, and trading volume were used to construct the sentiment index. Table 2 presents the principal component used for constructing the sentiment index. PC 1 explains 35.11% of the total variance across all 3 variables with Eigenvectors: TVOL 0.6988, EXR 0.2960 and INTR -0.6511. This shows that Trading volume (TVOL) and Exchange rate (EXR) contributes more to the sentiment index positively due to trading activities and speculative trading while Interest rate (INTR) contribute less and reduces sentiment in the market. Also, the correlations show all the variables are weakly correlated with trading volume having positive correlation while others have negative correlation.
TABLE 2	PRINCIPAL COMPONENT ANALYSIS
	Eigenvalues:
	 
	 
	 
	 
	 

	
	
	
	
	Cumulative
	Cumulative

	Number
	Value   
	Difference
	Proportion
	Value
	Proportion

	
	
	
	
	
	

	1
	1.05322
	0.055454
	0.3511
	1.05322
	0.3511

	2
	0.997766
	0.048753
	0.3326
	2.050987
	0.6837

	3
	0.949013
	---    
	0.3163
	3
	1

	
	
	
	
	
	

	Eigenvectors (loadings): 
	
	
	
	
	

	Variable
	PC 1  
	PC 2  
	PC 3  
	
	

	Z_EXR
	0.296055
	0.926537
	-0.232122
	
	

	Z_INTR
	-0.65115
	0.37357
	0.660646
	
	

	Z_TVOL
	0.698827
	-0.04444
	0.713909
	
	

	
	
	
	
	
	

	Ordinary correlations:
	
	
	
	
	

	
	Z_EXR
	Z_INTR
	Z_TVOL
	
	

	Z_EXR
	1
	
	
	
	

	Z_INTR
	-0.00321
	1
	
	
	

	Z_TVOL
	0.019552
	-0.04823
	1
	 
	 



CORRELATION
Table 3 reveals that all variables exhibit positive weak correlations. Sentiment index shows a very weak correlation with stock return, which suggests the sentiment index might not be a good predictor for stock return, while the Volatility index (VIX) has a slightly stronger correlation, suggesting that as the volatility index increases, stock return would also increase by 0.1313. This shows market movement plays a significant role in determining volatility and stock return. Also, sentiment index and volatility index show a very weak correlation which suggest both are largely independent of each other. 
TABLE 3	CORRELATION MATRIX
	 
	R
	SENTIMENT_INDEX
	VIX

	R
	1
	0.014235
	0.131304

	SENTIMENT_INDEX
	0.014235
	1
	0.029432

	VIX
	0.131304
	0.029432
	1



REGRESSION RESULTS
Table 4 presents regression results. The table shows sentiment index is not statistically significant suggesting that sentiment index is not a predictor of stock return in Nigerian capital market and market may not be immediately responsive to sentiment shocks, while Volatility index is statistically significant with positive coefficient 0.01392, this suggests volatility index, market price movement is a good predictor of stock return and speculative behaviour in the Nigerian capital market. Also, the adjusted R-squared 1.60% shows the model has a weak explanatory power to explain the relationship between sentiment index and stock return.
TABLE 4	REGRESSION RESULTS
	Variable
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.000297
	0.000313
	-0.94782
	0.3434

	SENTIMENT_INDEX
	0.000083
	0.000206
	0.402656
	0.6873

	VIX
	0.01392
	0.002739
	5.081707
	0.0000

	
	
	
	
	

	R-squared
	0.017348
	
	
	

	Adjusted R-squared
	0.016021
	
	
	

	F-statistic
	13.06448
	
	
	

	Prob(F-statistic)
	0.000002
	
	
	

	Durbin-Watson stat
	1.511485
	 
	 
	 



GRANGER CAUSALITY
To explore predictive power of Sentiment Index and Volatility on stock returns, Granger causality tests were performed. This test assesses whether past values of sentiment or volatility contain information that helps predict stock returns. Table 5 reveal investor sentiment index does not significantly predict stock returns in short run, nor do returns predict sentiment. However, volatility index (VIX) shows strong bidirectional Granger causality with stock returns, indicating a two-way relationship where volatility influences stock return and vice versa. Furthermore, VIX has unidirectional relationship with sentiment index, suggesting heightened volatility plays a role in shaping investor mood. These results reinforce the significance of volatility in the Nigerian capital market and point to a limited short-term role for sentiment in return predictability.
TABLE 5	PAIRWISE GRANGER CAUSALITY
	 Null Hypothesis:
	Obs
	F-Statistic
	Prob. 

	 SENTIMENT_INDEX does not Granger Cause R
	1481
	0.58203
	0.5589

	 R does not Granger Cause SENTIMENT_INDEX
	
	1.42232
	0.2415

	
	
	
	

	 VIX does not Granger Cause R
	1481
	6.40556
	0.0017

	 R does not Granger Cause VIX
	
	5.52852
	0.0041

	
	
	
	

	 VIX does not Granger Cause SENTIMENT_INDEX
	1481
	4.63759
	0.0098

	 SENTIMENT_INDEX does not Granger Cause VIX
	 
	2.7628
	0.0634



DISCUSSION OF FINDINGS
The principal component analysis results reveal that trading volume and exchange rate contribute most positively to the sentiment index construction in the Nigerian capital market. This suggests that daily trading volume signal how investors and market participants respond to stock price movement which in turn drive sentiment optimism and pessimism of the market in time of uncertainty. Furthermore, the positive influence of trading volume to sentiment index reveals retail investors do actually align their sentiment in picking stock for investment based on market trading activities in terms of volume of shares traded for a particular stock without considering any fundamental and technical indicators. Also, exchange rate is another positive contributor to sentiment index. This suggest that exchange rate price fluctuation drive sentiment in relation to stock market price. This is very significant to foreign and institutional investors in building trading strategies and to build entry and exit plan as regards investment in relation to exchange rate fluctuations. 
The correlation matrix and regression result reveal sentiment index has a very weak correlation and not statistically significant to predict stock return while volatility index has a slightly strong correlation and is statistically significant to predict stock return with positive coefficient value. This implies that in Nigeria capital market, market do not respond immediately to sentiment driven activities and construction of sentiment index as a trading strategy cannot positively influence stock return and stock price movement while volatility index in relation to stock price movements is a predictor for stock return in the Nigerian capital market. The strong influence of volatility for stock return prediction is validated with the Granger causality test which reveal volatility index has bidirectional relationship with stock return, implying that volatility index influence stock return and stock return equally influences volatility index. However, Granger causality reveal that sentiment index has unidirectional relationship with volatility index implying that sentiment influences and drive volatility in the Nigerian capital market while volatility does not influence sentiment index. 
5.	SUMMARY, CONCLUSION, AND RECOMMENDATIONS
SUMMARY OF FINDINGS
This study investigates interplay of sentiment index on stock returns and  sentiment factor that contributes most to the tailored sentiment index constructed for the Nigerian capital market.  Also, the study finds solution to the problem, if investors do actually consider technical and fundament indicators in trading or they mirror market trading activities and performance in picking stocks for trading. The sentiment indicators considered for constructing the tailored Nigeria sentiment index are: trading volume, exchange rate, and interest rate. These factors are considered as they reflect holistic capture of the capital market trading activities and macroeconomic environment that drives capital market performance and development. The study results showed that trading volume and exchange rate are the most important sentiment factors to be considered when constructing sentiment index for Nigerian capital market. This shows that trading volume and exchange rate are sentiment factors that mirrors trading activities in the market in times of uncertainty for investors to know which stocks to trade or not to trade. However, the regression result revealed that sentiment index is not a predictor for stock return in the Nigerian capital market because sentiment is not statistically significant, while volatility index is statistically significant and a good predictor for stock return with positive coefficient. Hence, these findings underscore the relevance of behavioral finance theories, particularly prospect theory in relation to how investors perceive gains and losses in driving sentiment and explaining market anomalies in Nigeria.
CONCLUSION
Investor sentiment plays critical role in determining stock market performance in Nigeria, while conventional financial models focus on fundamental and technical values, this study has shown that in Nigeria, investors mirror market trading activities, especially trading volume, exchange rate fluctuations, changes in stock price movement in considering stocks to trade or not to trade. Also, stock price movement in relation to the volatility index plays a significant role in determining stock return. These findings support the argument that market trading activities promote uncertainty, optimism, fear, pessimism, confidence, and herding, which drive sentiment-driven trading in the Nigerian capital market. The study also provides evidence that effective exchange rate management is a critical policy factor to bring stability to capital market performance and development. Similarly, managing market volatility is crucial for understanding stock return dynamics and improving overall performance in the Nigerian capital market.
RECOMMENDATIONS
Based on study findings, the following recommendations are suggested:
· Investors can incorporate sentiment indicators into trading and portfolio strategies, particularly by considering trading volume, exchange rate fluctuations, and stock price movement to improve trading and risk management.
· Policymakers and Regulators can develop a robust exchange rate policy that will promote stability of the country's currency so that foreign and institutional investors can have confidence and promote easy entry and exit by foreign portfolio investors
POLICY IMPLICATIONS
Understanding investor sentiment provides a behavioral lens through which retail investors, institutional investors, foreign portfolio investors, Government and regulatory authorities can anticipate speculative bubbles, fear, market mood, market overreactions and underreactions, or irrational pessimism and optimism to take advantage and beat market in terms of high returns. 
SUGGESTIONS FOR FUTURE RESEARCH STUDIES
Investor sentiment is a broad area of focus in portfolio construction and optimization, emphasizing the behavioral tendencies of market participants and their influence on overall market performance. In context of a frontier market, future research could lean towards adoption of text-based analysis of local news and social media sentiment using machine learning. Within Nigeria context, the emergence of several Fintech applications that ease access to stock trading and proliferation of personal finance experts that offers financial literacy advise via social media necessitate a future study to know their impact on trading activities in the Nigeria capital market. Also, future study could lean towards investigating sentiment impact at the firm or sector level to provide insights, especially for portfolio optimization. In addition, further studies could tend towards understanding the global investor sentiment on the Nigerian capital market since the world and market is an interconnected global financial market.  
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